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! ∈ . 75: .05: 1!!" . 
  
Linking discount fac tors ,  task des ign and  𝝈(𝐝𝐯).  
We computed the discounted value 𝐝𝐯 =    !

!!!×!
 of different prospects mixing gains 𝑔 and delays for 2 

task designs (i.e. 2 sets of prospects). Prospects from the first task design combined gains and delays from 
the following distributions: 𝑔 ∈ 20: 2: 28 €,𝐷 ∈ 0: 5: 50 , while prospects form the second task design 
combined gains and delays from the following distributions: 𝑔 ∈ 10: 5: 30 €,𝐷 ∈ 0: 5: 50 .  
The standard deviation of the resulting discounted value distribution was then calculated, for different 
values of the discount parameter 𝑘 - 𝑘 ∈ . 001  .01: .01: .10 . 
 
Linking learning rates  and subjec t ive  outcome to  𝝈(𝐪𝐯).  
We computed the Q-value 𝐪𝐯𝒕!𝟏 = 𝐪𝐯𝒕 + 𝛼×(𝑅 − 𝐪𝐯𝒕) of a 20-trials learning sequence, for different 
learning rates 𝛼 - 𝛼 ∈ . 5!!!!"! !!  and different outcome magnitude R - ! ! ! !!!!!!"! !!" . 
 
Linking parameters  o f  the dec i s ion- funct ion to  !!!"!. 
We simulated a task, implementing binary choices between a fixed- option of known value (0.5), and an 
option whose value had to be learned through 20 trials and errors. We generated sequences of Qv of the 
unknown option, with different values of ! - ! ! !!!!  .05: .7 - and R - 𝑅 ∈ . 55:  .05: .95 .-, and 
corresponding stochastic choices. For each set of parameters, we generated 50 learning-sequences. We then 
estimated the parameter of the model, by maximizing the likelihood of observed choices under a softmax 
(logistic) decision rule 𝑝 𝐴 = !

!!!"#  (!!×(𝐪𝐯 𝐀 !𝐪𝐯 𝐁 )
. Critically, in the estimation phase, we set a fixed R 

(=1), while letting α and ϑ vary, as the model free parameters. 
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