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Abstract Dogs can interpret emotional human faces (especially the ones expressing happiness),
yet the cerebral correlates of this process are unknown. Using functional magnetic resonance
imaging (fMRI) we studied eight awake and unrestrained dogs. In Experiment 1 dogs observed
happy and neutral human faces, and found increased brain activity when viewing happy human
faces in temporal cortex and caudate. In Experiment 2 the dogs were presented with human faces
expressing happiness, anger, fear, or sadness. Using the resulting cluster from Experiment 1 we
trained a linear support vector machine classiﬁer to discriminate between pairs of emotions and
found that it could only discriminate between happiness and the other emotions. Finally,
evaluation of the whole-brain fMRI time courses through a similar classiﬁer allowed us to predict
the emotion being observed by the dogs. Our results show that human emotions are speciﬁcally
represented in dogs’ brains, highlighting their importance for inter-species communication.

Introduction
Emotions provide social cues to interact with the social world. Basic emotions, as expressed through
facial expressions (which are universal in humans (Ekman and Cordaro, 2011), are automatic
physiological responses to certain stimuli, and have a high adaptive value. Moreover, interpretation
of emotions in others is fundamental across species for communication between conspeciﬁcs
(Anderson and Adolphs, 2014; Leopold and Rhodes, 2010). Certain species, however, extend their
communication necessities beyond their kind. In this sense, dogs are a special species, as they
live in a rich social environment that includes humans, making the heterospeciﬁc relationship with
them a challenge. Their ability to ﬁt their environment is strongly dependent on their capacity to
communicate and interpret emotional cues from humans. Dogs seem to be particularly adept at
reading human faces, as they are sensitive to human emotional faces, which is evident by their
longer visual examination of an emotional face over a neutral face (Hori et al., 2011) (but also see
(Racca et al., 2012)).
A smile is very powerful: it can cheer up our day and even modify our behavior. What is
interesting is that we are not the only species capable of recognizing happiness in a human face
—dogs can, too. For example, a previous study showed that dogs gazed longer at their owners when
they seemed happy (as owners viewed a cheerful movie) than when they seemed sad (Morisaki
et al., 2009). Another interesting report showed that once dogs learn to discriminate a smiling from
a neutral face by viewing photographs of their owners’ faces, they can generalize their learning to
other humans of the same gender as their owners (Nagasawa et al., 2011). An eye-tracking study
(Somppi et al., 2016) found that dogs use a conjunction of information from eyes, midface and
mouth (i.e., inner face) to process faces in general; however, when looking at a positive human face,
dogs spend signiﬁcantly more time looking at the eyes in comparison to the mouth. Nonetheless,
dogs and humans seem to share a similar mechanism to perceive emotional human faces, as they
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both present a bias to the left hemiface, and they both spend more time looking to the left hemiface
of a face with a positive valence (Racca et al., 2012).
Moreover, dogs can discriminate other basic emotional expressions in human faces: happiness
((Albuquerque et al., 2016), vs. anger (Müller et al., 2015), vs. fear (Merola et al., 2014), vs. sadness
(Morisaki et al., 2009), vs. disgust (Buttelmann and Tomasello, 2013), and vs. neutral (Nagasawa
et al., 2011; Deputte and Doll, 2011); anger (Albuquerque et al., 2016; Müller et al., 2015), vs.
neutral (Deputte and Doll, 2011), sadness (vs. happiness (Morisaki et al., 2009); fear (vs. happy
(Merola et al., 2014); and disgust (vs. happiness (Buttelmann and Tomasello, 2013). There are no
reports about discrimination of surprise. Dogs discriminate emotions deriving information beyond
local cues (like the eyes) and can generalize this ability when they are shown novel stimuli (Müller
et al., 2015). The fact that dogs are sensitive to emotional human faces and capable to discriminate
between emotions might explain their remarkable behavioral ﬂexibility in social contexts (Miklosi
et al., 2004). Beyond dogs’ sensitivity and discrimination of emotional human faces, there is some
evidence that dogs can interpret human emotions and modulate their behavior accordingly. For
example, dogs choose to ﬁrst explore a box identiﬁed by a human through a facial expression of
happiness than a box related to disgust or fear on behalf of the human, suggesting that dogs, to
some degree, use human emotional expressions as references (Merola et al., 2014; Buttelmann
and Tomasello, 2013). Moreover, dogs can correctly identify happiness and anger through only
visual or auditory information, showing the cognitive capacity of dogs to extract and integrate
emotional information from at least these two sensory modalities (Albuquerque et al., 2016).
Behavioral evidence, however, does not provide a clear prediction about the cerebral mechanisms that underlie processing of emotional human faces in dogs. Our goals are to describe
the cerebral correlates of the perception of happy human faces in dogs and explore whether a
human face expressing an emotion generates a discernible pattern of activity in a dog’s brain using
functional magnetic resonance imaging (fMRI). To this end, we used multivariate pattern analysis
(MVPA) with a linear support vector machine classiﬁer (LSVM). The main advantage of MVPA is
its high sensitivity, and its main assumption is that cognitive states are represented by different
patterns of neural activity (Norman et al., 2006; Kragel and LaBar, 2016). Our hypotheses are that
processing of happy human faces involves the temporal cortex, and that there exist speciﬁc neural
signatures related to processing these positive visual stimuli that make possible their discrimination
to other emotions.

Results
Experiment 1
Here, our goal was to describe the cerebral correlates of happy human faces in dogs. We chose
happiness because there is more evidence of the perception of this than any other emotion. Eight
trained and awake dogs participated. They remained still inside the scanner watching Happy and
Neutral human faces in a block design for ﬁve runs (the duration of each run was 192.5 s), while
fMRI were acquired using blood-oxygen level dependent (BOLD) contrast images (see Materials and
Methods).
To identify face-sensitive regions, we analyzed the cerebral activity resulting from viewing both
happy and neutral faces in the contrast Faces > Baseline (Figure 1A). The results were overlaid on
the Datta atlas (Datta et al., 2012). The activity related to viewing faces, regardless of their emotion,
includes bilateral occipital cortex and left temporal cortex.
To describe the dog’s brain correlates of perception of happy human faces, we contrasted BOLD
activity between the two viewing conditions (i.e., Happy human faces > Neutral human faces),
which resulted in a large cluster in the right temporal cortex and extend to caudate (25,327 mm3 ,
Figure 2B). Figure 2C shows that BOLD signal response towards happy faces and neutral faces is
indistinguishable in the occipital cortex, but larger in magnitude in response to viewing happy faces
in the temporal cortex. To evaluate inter-hemispheric asymmetries, we extracted the BOLD signal
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change from spheres of 5 mm radius centered at three local maxima of the resulting right-temporal
cluster, located in the Sylvian, Proreus, and Straight Gyri (Datta et al., 2012). The difference in BOLD
signal change between happy and neutral faces in each sphere is shown to the right in Figure 2E.
Contrary to the right-hemispheric BOLD activity, we did not ﬁnd any signiﬁcant differences in the
activity elicited by happy or neutral faces in the left hemisphere temporal regions (paired t test, p >
0.05). The response in the Straight gyrus is the highest and least lateralized in comparison with the
other structures. Coordinates, localization, and z value of local maxima are shown in Table 1. The
opposite contrast (Neutral human faces > Happy human faces) showed no signiﬁcant differences.

Figure 1. Differences in the cerebral response to happy vs. neutral faces (n = 8). Volume rendering in
lateral and inferior views, showing resulting clusters overlaid on the Datta atlas 2012 . A. Faces > Baseline; the
blue sphere indicates the voxel with largest z value located in the occipital cortex. B. Happy > Neutral faces; the
purple sphere is centered at the voxel with maximum z value, located in the temporal cortex. C. BOLD signal
change between happy and neutral faces in the spheres of the local maxima in both contrasts. D. The three
local maxima within the cluster Happy > Neutral faces, all in the right hemisphere. Similar spherical regions
were created on the left hemisphere at the same locations. E. BOLD signal change between happy and neutral
faces derived from these spherical regions (dark and light bars for right and left hemispheres, respectively).
Vertical lines represent standard error. S = Superior, I = Inferior, L = Left, R = Right, P = Posterior, and A =
Anterior.
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Table 1. Local Maxima resulting from the contrast Happy Faces > Neutral Faces. Coordinates and location are
given in mm according to the Datta atlas. Colors are matched with Figure 1.

Local Maxima
Purple
Light Blue
Green

z value

𝑥

𝑦

𝑧

2.85
2.82
2.77

184
156
176

126
187
155

135
123
107

Anatomical location
Sylvian Gyrus
Proreus
Straight Gyrus

In brief, Experiment 1 provides direct evidence of the cerebral processing of happy human faces
in dogs through fMRI. As predicted, we found cerebral activity related to the processing of happy
faces in the right temporal cortex.

Experiment 2
Processing of emotions is not performed in unique cerebral areas, but rather through broad
networks in the brain (Hamann, 2012; Lindquist et al., 2012; Kassam et al., 2013). It is therefore
possible that certain cerebral areas are involved in the processing of multiple emotions, which
makes it diﬃcult to study basic emotions with classical univariate approaches. An alternative
approach to analyze fMRI data is MVPA, which allows information related to neural representations
from distributed patterns in the brain to be decoded. By using MVPA in humans, it has been
possible to classify neural signatures associated to speciﬁc emotions, and using these patterns
it is possible to predict which emotion is being processed in the brain (Kassam et al., 2013). In
Experiment 2, from the brain activity measured with fMRI in four dogs, we decoded the perception
of happiness, sadness, anger and fear using MVPA with a LSVM classiﬁer. We chose to use only
these four basic emotions because even for humans it is diﬃcult to discriminate between fear and
surprise and between anger and disgust (Jack et al., 2014).

Experiment 2A
Due to the design of Experiment 1, there is a possibility that the resulting cluster related to
processing of happy faces responds to emotional faces in general and not exclusively to happy faces.
To address this problem, we further studied four dogs that had participated in Experiment 1 and
presented them with new images of emotional human faces while we acquired functional images.
Each dog experimented ten runs of stimulation and data acquisition, with each run containing
blocks of visual stimulation consisting of faces expressing happiness, sadness, anger or fear; in
total each dog experienced 20 blocks of each emotion divided in ten runs.
Using only the time series derived from the cluster related to processing happy faces processing
(i.e., result from Experiment 1; Figure 1) we evaluated whether our classiﬁer was able to discern
each pair of emotions. From these data, classiﬁcation performance was above chance (p < 0.05)
only when discriminating between happiness and any of the other three emotions (Figure 2).
In summary, independent data was used to demonstrate that the cluster found in Experiment
1 is particularly related to processing of happiness, and not emotions in general. As predicted,
viewing happy human faces produces a speciﬁc neural signature in the dog’s temporal lobe that
makes possible to discriminate it from the activity related to viewing other human emotions.

Experiment 2B
With the results from Experiment 2A we could not exclude the possibility that dogs were merely
processing emotional valence, as we were only able to discriminate between positive (i.e., happiness)
and negative (i.e., anger, sadness and fear) emotions. Experiment 2B was designed to explore the
cerebral patterns related to four basic emotions. While the classiﬁer in Experiment 2A was trained
with right temporal lobe data only (as this region was identiﬁed as being related to processing of
happy human faces), this experiment evaluates classiﬁer performance when using activity patterns
derived from the entire brain.
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Figure 2. Classiﬁer performance for emotions (n=4). A LSVM classiﬁer was trained using the time series
from voxels contained within the cluster identiﬁed in Experiment 1 as sensitive to happy human faces. A:
Comparison of all emotions. B: Classiﬁer performance at discriminating between two emotions. Vertical lines
denote the standard error. Asterisks represent a signiﬁcant performance (binomial test p < 0.05). Random
classiﬁcation is shown on right side in black in both panels.

We found it was possible to decode the emotion being viewed at the group (Figure 3A) and at
the individual level (Figure 3B). We then tested whether it was possible to discriminate between
each possible emotion pair, as it was possible that the detection of a single emotion enhanced the
predictions. In other words: What if only speciﬁc cerebral patterns relative to one or two emotions
exist? To test this we performed an analysis only using the cerebral patterns of two emotions each
time. The classiﬁer could discriminate above chance level for each emotion pair (Figure 3C) and was
able to distinguish even between two negative emotions. Next, we performed a Representation
Similarity Analysis (RSA) (Connolly et al., 2012), to evaluate the similarity of the different cerebral
patterns related to emotions (Figure 3D). This information is represented in a dendrogram (Figure
3E). The most similar emotions were sadness and anger in the ﬁrst group, happiness in another
group and fear in a third group.
The information necessary to decode each emotion is not localized in the temporal cortex.
Indeed, in each dog the voxels used to make the prediction were scattered around the brain (Figures
4A and 5). Even taking a different number of voxels the predictions were consistently better when
using the information from both hemispheres, and the best predictions for each hemisphere and
the full brain plateau at around 50 voxels (Figure 4B). These ﬁndings suggest that emotions are
represented in a distributed brain network in dogs.

Discussion
The goals of this study were to describe the cerebral correlates of the perception of happy human
faces, and explore whether four basic emotions (happiness, anger, sadness and fear) generate a
discriminable pattern of activity in dogs. As predicted, processing of happy human faces involves
the temporal cortex, yet other regions (e.g. caudate) are also recruited. Also, we found that happy
faces induce a speciﬁc signature of cortical activity that makes it possible to discriminate it from
other emotions. With our data, it was also possible to discriminate between negative emotions,
thus suggesting that dogs not only process emotional valence.
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Figure 3. Classiﬁcation of cerebral patterns in dogs towards emotional faces (n=4). To decode the
cerebral patterns we used multivariate pattern analysis. A-C: Classiﬁer performance using a leave-one-out
cross-validation. Black dashed line indicates chance level; vertical lines denote the standard error; asterisks
represent a signiﬁcant result (binominal test, p < 0.05). A. Group level results. Random classiﬁcation is shown on
right side in black (classiﬁcations above the dashed gray line have p < 0.05). B: Individual level results. C:
Predictions by each emotion pair. Representation similarity analysis color-coded in D and as a dendrogram in E.

We found cerebral activity related to the processing of happy faces in the right hemisphere,
mainly in the temporal cortex (Figure 1). Previous studies found that the perception of human faces
(vs. objects) elicits a strong response in the temporal cortex (Cuaya et al., 2016; Dilks et al., 2015),
and our current study extends said ﬁndings, showing that the strongest response to happy faces
is located in the superior portion of the temporal lobe. In humans, the superior temporal sulcus
(STS) is crucial for social communication, including the dynamic aspects of face perception, such
as emotional expressions (Kanwisher and Yovel, 2006; Haxby et al., 2000; Andrews and Ewbank,
2004; Allison et al., 2000). We suggest that in dogs the superior temporal cortex could play a similar
role in the processing of dynamic aspects present in a happy human face.
The model of the distributed human neural system for face perception (Haxby et al., 2000)
proposes a hierarchical structure of face perception with a core system and an extended system.
The core system includes the occipital and temporal cortex with the STS related to the changeable
aspects of faces (like emotional expressions), in contrast to other face-sensitive regions like the
occipital cortex, that are not modulated by emotional facial expressions. The processing, or
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Figure 4. Dogs process the emotions seen in human faces through distributed cerebral networks. A.
We performed the MVPA in each dog using the information from each brain lobe. The dashed line represents
chance level; asterisks represent a signiﬁcant result (binomial test, p < 0.05). B. The classiﬁcation was performed
with an increasing number of voxels. The classiﬁer prediction of randomly selected voxels is represented by the
dashed black line. Error bars in A and colored areas in B represent the standard error.

extended, system includes other cortices beyond the occipitotemporal visual extrastriate cortex.
Our ﬁndings in dogs are analogous to those seen in humans, and compatible with the distributed
model for face perception. The occipital lobe was involved in the early stages of face perception,
but was not involved in coding of emotions (Figure 1A). Contrastingly, the activity seen in the
frontal regions (Proreus) and caudate is evidence of the participation of these structures as part of
an extended system for face perception in dogs (Figure 1D). Further supporting this distributed
model in dogs the most informative voxels to predict emotions in each dog were broadly spread
throughout the brain (Figure 5).
The cluster related to viewing happy human faces included the caudate. Other fMRI studies with
dogs have also shown activation of related to reward (Berns et al., 2013), familiarity of scents (Berns
et al., 2015) and neutral human faces (Cuaya et al., 2016). In a study in which two groups of dogs
were trained to identify either happy or angry faces, both groups of dogs learned to discriminate
facial emotions, yet the group trained to identify happy faces learned signiﬁcantly faster (Müller
et al., 2015). While the authors of said study suggested that dogs recognized an angry face as
an aversive stimulus, the inverse is just as likely, with dogs showing accelerated learning due to
the rewarding nature of happy faces. Moreover, a recent neuroimaging study found that the
caudate is functionally connected to the auditory regions only when dogs listen to verbal praise
with meaning and positive intonation (Andics et al., 2016); intonational information alone was not
enough to recruit the caudate. Therefore, it is possible that happy human faces not only served as
rewarding stimuli for dogs, but also represented meaningful stimuli, consistent with the importance
of emotions to dogs, a social species. Besides, happy human faces appear to play a major role
in establishing inter-species attachment. In recent years, oxytocin has been highlighted as a key
player in this process: dogs spontaneously look longer at their owners when they express positive
feelings (Morisaki et al., 2009) and this gazing promotes a release of oxytocin in dogs (Nagasawa
et al., 2009, 2015). This is similar to the enhancing effects of oxytocin on emotion recognition in
humans (Shahrestani et al., 2013; Marsh et al., 2010; Domes et al., 2013), While we did not directly
investigate the role of oxytocin in human face perception, said ﬁndings are suggestive of our current
results may be associated to this hormone.
It was possible to discriminate between all the pairs of emotions from patterns of brain activity
(Figure 3C). However, our classiﬁer showed considerably better performance differentiating happiness from the other three stimuli, as compared to any other pair of emotions. It was possible to
correctly identify the emotions being viewed using data from all the brain, or from the right or left
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Figure 5. Distributed networks in the dog’s brain used to decode human emotional faces. For each dog,
voxels that predict the observed emotion are seen scattered around the brain (overlaid on the Datta atlas 2012).
Voxels used for the classiﬁcation where the top 1% of an ANOVA-based feature selection ranking. The color
gradient indicates the weight assigned by the LSVM classiﬁer.

hemispheres separately (except vs. sadness in the right hemisphere). We posit that the arousal
elicited by fear induces a pattern of brain activity with larger differences than patterns associated
to the other emotions, as illustrated in the dendrogram resulting from RSA (Figures 3, D and E).
Also, we show that the dog’s brain not only separates the presented emotions by valence, because
even negative emotions showed a speciﬁc brain patterns that allowed the classiﬁer to discriminate
between them. This is a surprising result given that other studies had failed to ﬁnd behavioral
differences between anger vs. sadness and happiness vs. neutral (Barber et al., 2016); threatening
vs. pleasant and pleasant vs. neutral (Somppi et al., 2016); happiness vs. neutral (Buttelmann
and Tomasello, 2013); fear vs. happiness (with a stranger person) and fear vs. neutral (Merola
et al., 2014). While behavioral studies suggest that it is necessary to compare opposite emotions
to ﬁnd differences (Somppi et al., 2016; Müller et al., 2015; Merola et al., 2014; Buttelmann and
Tomasello, 2013; Barber et al., 2016; Nagasawa et al., 2011), we found differences in brain activity
related to happy and neutral faces (Figure 1) and it was possible to discriminate all emotion pairs by
applying MVPA (Figure 3C). It is intriguing why dogs have speciﬁc cerebral patterns towards faces
expressing sadness, anger, fear and happiness, yet sometimes they fail to discriminate or use these
emotions at the behavioral level. Additional brain processes, environmental cues or other variables
may ultimately sway the dog’s behavior.
Our results do not show a clear lateralization. In Experiment 1 all brain activity related to happy
faces appeared only in the right hemisphere, yet we believe that this is an effect of the statistical
threshold used, because the left hemisphere also shows activity related to happy faces (Figure
1E). In Experiment 2B we didn’t ﬁnd lateralization either; at the group level both the left and the
right hemisphere can discriminate between emotions above chance level (Figure 3A). And at the
individual level (Figure 3B) there is not a clear pattern of laterality. The Valence Model (Honk and
Schutter, 2006) suggests that the negative emotions are processed in the right hemisphere, but this
is not supported by our results as the patterns from the right hemisphere can neither discriminate
between anger and fear nor between sadness and anger (Figure 3C). Further arguing against the
lateralization of the emotion representation, we found that the predictions improve when the
classiﬁer takes information from both hemispheres the predictions (Figure 4B).
A strong point in this study is that the faces seen by the dogs are unfamiliar to them and of both
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genders in Experiment 2. Dogs more readily use emotionally-charged information when expressed
by the owner but not by a stranger (Merola et al., 2014). Dogs also show diﬃculty generalizing the
discrimination of happiness on faces that are opposite to the gender of their caretaker (Nagasawa
et al., 2011). In Experiment 2, the classiﬁer accuracy may have been better if we had used facial
emotion expressions from their caretakers, but in this exploratory study, we aimed at a more
general identiﬁcation of different emotions. Behavioral studies about emotion perception in dogs
have shown differences across breeds (Mehrkam and Wynne, 2014; Gácsi et al., 2009) (but also see
(Pongrácz et al., 2005)) and we are therefore cautious in the extrapolation of our results to other
breeds. The majority of our participants were Border Collies, dogs that are better at following social
cues than non-working dogs (Wobber et al., 2009), spend more time looking at humans and are
more willing to interact with them (Kis et al., 2014) and show an increased sensitivity to the social
effects of oxytocin (Kovács et al., 2016). It is possible that Border Collies also have a greater ability
to interpret human emotions, and future studies are needed to determine if there are behavioral
and cerebral differences in the perception of emotions across breeds. The small sample is other
limitation of this study, secondary to the challenges intrinsic to training dogs for the acquisition of
functional images. Moreover, imaging sessions had to be kept as short as possible to ensure dogs’
attention and compliance. Also, BOLD signal is inherently noisy in humans but more so in dogs, and
it may be crucial to develop coils tailored to the anatomy of dogs (Huber and Lamm, 2017). Future
studies will be needed to replicate and expand our results.
In conclusion, Experiment 1 provides the ﬁrst evidence that a happy human face generates a
broad activity in the dog’s brain, and implies that dogs can discriminate at the brain level between
happy and neutral faces. Along with these results, Experiment 2 showed that dogs have speciﬁc
patterns of neural activation towards four basic emotion expressions in human faces. The neural
signatures for each emotion can be found at the individual level, demonstrating the high sensitivity
of dogs’ brains toward human emotions. Our results highlight the importance of human emotions
to dogs, since they are a social species adapted to live in an anthropogenic environment.

Materials and Methods
Experiment 1
Participants
Eight healthy dogs participated in the study. All were medium breeds (six Border Collies, one
Labrador, and one Golden Retriever) ranging in age from 18 to 53 months. The sample included
four neutered males, one neutered female, and three unneutered females. All dogs were pets, lived
with human families, and were well socialized with humans and other dogs. During the study the
dogs lived with their human families without changes in their routine aside from the training and
imaging protocols described herein. All procedures were performed in compliance with Association
for the Study Animal Behavior (ASAB) guidelines, and the Bioethics Committee of the Institute of
Neurobiology of the Universidad Nacional Autónoma de México approved the study. The main
caretaker of each dog gave informed consent. The dogs were awake and unrestrained during all
sessions.
Of the eight dogs included in this study, seven had previously participated in an fMRI experiment
(Cuaya et al., 2016) and had been trained to remain still inside a scanner in a sphinx position while
watching images projected during the acquisition of fMRI. Those dogs did not require additional
training. The new participant (Molly) was trained using the same procedure as the other seven dogs
(Cuaya et al., 2016).

Design and Stimuli
We used images of human faces as stimuli and used a block design. There were two types of blocks:
faces with neutral expressions and faces with happy expressions. Each block was presented for 7 s
with an inter-trial period of 12.25 s used to estimate baseline activity (during which they observed
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a white screen with a small cross). Each fMRI acquisition (run) had a duration of 192.5 s and
included 5 blocks of happy faces and 5 blocks of neutral faces. Blocks were presented in a pseudo
randomized order, and the same type of block was never presented two consecutive times. In total,
each dog experienced 5 runs (each run had a different order of blocks). Dogs experienced only
1-3 runs with rest periods between them in each imaging session, and different sessions occurred
on different days. We decided to use short runs to maximize the attention that dogs pay to the
stimuli and minimize the possibility of a dog falling asleep. Thus, fMRI acquisition was completed
throughout 2-3 non-consecutive days for each dog. Visual stimulus presentation was controlled by
PsychoPy2 (Peirce, 2007). The lights in the MRI suite were turned off during paradigm presentation,
in all sessions an experimenter was present in MRI suite to ensure the dog’s compliance during
acquisitions, and the stimuli were projected onto a screen in front of the dogs at a distance of 1.5
m.
Four different photographs of faces composed each block. All images were extracted from the
AR Face Database (Martinez, 1998), so all faces were unfamiliar to the dogs. We presented the
same persons with neutral and happy expressions. Each image was presented only once during
each run to avoid habituation to the images. In order to have stimuli as natural as possible, all
images were in color, presented in a frontal view, and the size of the projected images was similar
to that of a real face (15 cm x 20 cm), as this size has been used in other studies (Cuaya et al., 2016;
Huber et al., 2013; Nagasawa et al., 2011). The gender of the faces presented to each participant
was the same as the main caretaker: four dogs (one male dog and three female dogs) saw female
faces and the other four participants saw male faces. We decided to show a speciﬁc gender to each
dog, as dogs show lower accuracy in a behavioral task when probed with an unfamiliar face of a
person of the opposite gender of their main caretaker (Nagasawa et al., 2011).

Data acquisition
All images were acquired at the National Laboratory for Magnetic Resonance Imaging in the Institute
of Neurobiology of the Universidad Nacional Autónoma de México. We used a 3 T Philips Achieva
TX scanner and a two-channel SENSE Flex Small coil, which was attached to the dogs with Velcro.
To help the dogs maintain the sphinx position, we used a chin rest to support their heads. Dogs
were ﬁtted with ear muffs to provide noise protection during scanning. During the acquisition one
experimenter remained inside the scanner room (out of the dog’s sight) and visually monitored the
dogs to make sure they were awake and attentive. The dogs could leave the session at any time.
For anatomical reference we also acquired a T1-weighted structural image with a turbo spin
echo sequence with 1 x 1 x 1 mm3 resolution covering the whole brain with 75 slices. Blood-oxygenlevel dependent (BOLD) images covered the whole brain and were acquired with a gradient-echo
echo-planar imaging (EPI) sequence (28 coronal slices, 3 mm thickness, no gap; TR = 1.75 s; TE = 30
ms; ﬂip angle = 90°; FOV = 224 x 240 mm2 ; acquisition matrix 112 x 120; spatial resolution 2 x 2 x 3
mm3 ; 110 volumes and 5 dummy scans).

Image Analysis
The brain was extracted from each run using manual segmentation. All functional analyses were
done with FSL (Jenkinson et al., 2012) version 4.19. Images were preprocessed for temporal correction, and spatial smoothing was performed using a Gaussian kernel with FWHM = 5 mm. Motion
correction was performed using MCFLIRT, and runs showing motion greater to head rotation than
1º or translation greater than 3 mm were discarded (less than 10% of runs; if a run was discarded, a
new acquisition was obtained until each dog had ﬁve good-quality runs). As maintenance of the
sphinx position requires muscle tone, loss of which would result in major head movement, the
criteria used for motion correction of imaging data further guaranteed that the dogs remained
awake. Functional images were spatially normalized to an anatomical image of each dog and to a
digital atlas of the dog’s brain (Datta et al., 2012).
We used the General Linear Model for the statistical analyses, including the stimuli vectors of
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happy and neutral faces as regressors. Each run was analyzed individually in a ﬁrst level. Regressors
were convolved with the canonical hemodynamic response function modeled as a Gamma function.
The ﬁve runs of each participant were ﬁrst analyzed using a ﬁxed-effects analysis. A random-effects
analysis was used to study common activations within the eight participants. To describe the
cerebral regions involved in the perception of happy faces, we analyzed the contrast happy faces
vs. neutral faces in the entire brain. The resulting statistical parametric maps were corrected for
multiple comparisons using random ﬁeld theory (Worsley, 2001) (cluster-forming threshold z > 2.3
and pcluster < 0.05). To localize and label the cerebral structures and report the coordinates, we used
the digital atlas of Datta et al. 2012. We created a sphere of 5 mm radius around the voxel with the
local maxima that resulted from the contrast happy faces > neutral faces to extract the BOLD signal
change.

Experiment 2
Participants
We studied four healthy and neutered (ages 26 to 48 months, 3 males) Border Collies, all whom had
participated in the Experiment 1. We followed the same guidelines of Experiment 1.

Design and Stimuli
The stimuli were human faces that expressed happiness, sadness, fear and anger. All stimuli were
extracted from the Karolinska Directed Emotional Faces database (Lundqvist et al., 1998). We used
a block design (each block was presented for 7 s and composed of 4 different images of the same
emotion, followed by a baseline of 12.25 s) in each run. An emotion block was presented twice in a
pseudo-random order and all the faces belonged to a single gender, which was switched between
scans. The total duration per run was 166.25 s. Each dog experienced ten runs in total and a
maximum of two runs per day. The projection and dogs’ position were the same as in Experiment 1.

Data acquisition
We used the same procedure that in Experiment 1, the only difference being that each run included
95 volumes.

Image Analysis
For MVPA, preprocessing was performed using FSL (Jenkinson et al., 2012). Images were motioncorrected to the ﬁrst volume of the ﬁrst run of each participant. Images were brain-extracted and
temporally realigned. The images were neither smoothed nor ﬁltered. We used PyMVPA software
package (Hanke et al., 2009) and the LibSVM’s implementation of the linear support vector machine
(LSVM). Each acquisition was linearly detrended, Z-scored and time shifted 6 s to account for the
peak of the hemodynamic response; volumes corresponding to the baseline period were removed.
Volumes corresponding to each of the block types were averaged. We followed a leave-one-out
cross-validation scheme in which the runs were split into two sets: a training set composed of 9
runs and a test set composed of the remaining run. A LSVM classiﬁer was trained using the training
set and tested using the test set; this procedure was repeated using each run as a training set
and the others as a training set. For a given training and testing fold, all categories were used,
and the classiﬁer performed a 4-way classiﬁcation in which only a classiﬁcation that matched
the emotion was considered as correct and any other as incorrect. To obtain the distribution of
our data under a random classiﬁcation condition (Figures 2 and 3A, right side), we performed a
permutation test in which we randomly swapped the block labels, trained, tested the classiﬁer
and repeated the procedure 10,000 times for each mask and each dog. The resulting distributions
were compared using a Kolmogorov-Smirnoff test, which showed no signiﬁcant difference between
the distribution (p > 0.05). The three distributions are collapsed in Figure 3. The RSA (Connolly
et al., 2012) represents each emotion as a vector in a high-dimensional space in which each voxel
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response represents a dimension. A Euclidean distance is calculated from the resulting vectors.
These indicate how similar two emotions are in their cerebral representation.
The general linear model was used as implemented in FSL in a similar way as described in
Experiment 1. Each emotion (i.e., happiness, anger, fear, sadness) was used as a regressor and
convolved with the canonical hemodynamic response function modeled as a Gamma function.
Each run was analyzed individually in a ﬁrst level; posteriorly, the ten runs for each participant
were used for single subject ﬁxed-effect analyses. Finally a random-effect analysis was used for
group-level inferences. Statistical parametric maps were thresholded using random ﬁeld theory
(cluster corrected z > 2.3 and p < 0.05).

Acknowledgments
We are deeply grateful to our participants and their caregivers for their cooperation, patience and
friendship: Andrea Dávila and Lourdes Guajardo (Zilla), Ariadna Ríos and Ariel Mendoza (Hera),
Daniel Ramírez (Kora), Lenin Ochoa and Jessica Moreno (Morris), Luis Nájera and Liza Guerrero
(Molly and Morante), and of course to Odín and Kun-kun. We thank The Dog Project Family for
providing their anatomical masks used in Experiment 2b. We also thank Erick Pasaye and Juan Ortiz,
and the staff at the National Laboratory for magnetic resonance imaging, for their support during
image acquisition. We are grateful to Jessica Gonzalez-Norris for proofreading and editing and to
Azalea Reyes and Fernando Barrios for her helpful comments. Raúl Hernández and Laura Cuaya
are doctoral students from Programa de Doctorado en Ciencias Biomédicas, Universidad Nacional
Autónoma de México (UNAM) and received fellowships 260381 and 260395, respectively, from
CONACYT. This study was partially funded by Conacyt (IE252-120295 181508) and UNAM-DGAPA
(I1202811 and IN212811).

12 of 15

bioRxiv preprint doi: https://doi.org/10.1101/134080; this version posted March 24, 2018. The copyright holder for this preprint (which was not
certified by peer review) is the author/funder, who has granted bioRxiv a license to display the preprint in perpetuity. It is made available under
aCC-BY 4.0 International
Pre-print license.

References

Albuquerque N, Guo K, Wilkinson A, Savalli C, Otta E, Mills D. Dogs recognize dog and human emotions. Biology
letters. 2016; 12(1):20150883.
Allison T, Puce A, McCarthy G. Social perception from visual cues: role of the STS region. Trends in cognitive
sciences. 2000; 4(7):267–278.
Anderson DJ, Adolphs R. A framework for studying emotions across species. Cell. 2014; 157(1):187–200.
Andics A, Gábor A, Gácsi M, Faragó T, Szabó D, Miklósi Á. Neural mechanisms for lexical processing in dogs.
Science. 2016; 353(6303):1030–1032.
Andrews TJ, Ewbank MP. Distinct representations for facial identity and changeable aspects of faces in the
human temporal lobe. Neuroimage. 2004; 23(3):905–913.
Barber AL, Randi D, Müller CA, Huber L. The processing of human emotional faces by pet and lab dogs: evidence
for lateralization and experience effects. PloS one. 2016; 11(4):e0152393.
Berns GS, Brooks A, Spivak M. Replicability and heterogeneity of awake unrestrained canine fMRI responses.
PloS one. 2013; 8(12):e81698.
Berns GS, Brooks AM, Spivak M. Scent of the familiar: an fMRI study of canine brain responses to familiar and
unfamiliar human and dog odors. Behavioural processes. 2015; 110:37–46.
Buttelmann D, Tomasello M. Can domestic dogs (Canis familiaris) use referential emotional expressions to
locate hidden food? Animal cognition. 2013; 16(1):137–145.
Connolly AC, Guntupalli JS, Gors J, Hanke M, Halchenko YO, Wu YC, Abdi H, Haxby JV. The representation of
biological classes in the human brain. Journal of Neuroscience. 2012; 32(8):2608–2618.
Cuaya LV, Hernández-Pérez R, Concha L. Our faces in the dog’s brain: Functional imaging reveals temporal
cortex activation during perception of human faces. PloS one. 2016; 11(3):e0149431.
Datta R, Lee J, Duda J, Avants BB, Vite CH, Tseng B, Gee JC, Aguirre GD, Aguirre GK. A digital atlas of the dog
brain. PLoS One. 2012; 7(12):e52140.
Deputte B, Doll A. Do dogs understand human facial expressions? Journal of Veterinary Behavior: Clinical
Applications and Research. 2011; 6(1):78–79.
Dilks DD, Cook P, Weiller SK, Berns HP, Spivak M, Berns GS. Awake fMRI reveals a specialized region in dog
temporal cortex for face processing. PeerJ. 2015; 3:e1115.
Domes G, Steiner A, Porges SW, Heinrichs M. Oxytocin differentially modulates eye gaze to naturalistic social
signals of happiness and anger. Psychoneuroendocrinology. 2013; 38(7):1198–1202.
Ekman P, Cordaro D. What is meant by calling emotions basic. Emotion review. 2011; 3(4):364–370.
Gácsi M, McGreevy P, Kara E, Miklósi Á. Effects of selection for cooperation and attention in dogs. Behavioral
and Brain Functions. 2009; 5(1):31.
Hamann S. Mapping discrete and dimensional emotions onto the brain: controversies and consensus. Trends
in cognitive sciences. 2012; 16(9):458–466.
Hanke M, Halchenko YO, Sederberg PB, Hanson SJ, Haxby JV, Pollmann S. PyMVPA: a python toolbox for
multivariate pattern analysis of fMRI data. Neuroinformatics. 2009; 7(1):37–53.
Haxby JV, Hoffman EA, Gobbini MI. The distributed human neural system for face perception. Trends in
cognitive sciences. 2000; 4(6):223–233.
Honk Jv, Schutter DJ. From affective valence to motivational direction: the frontal asymmetry of emotion revised.
Psychological Science. 2006; 17(11):963–965.
Hori Y, Kishi H, Inoue-Murayama M, Fujita K. Individual variability in response to human facial expression among
dogs. Journal of Veterinary Behavior: Clinical Applications and Research. 2011; 6(1):70.
Huber L, Lamm C. Understanding dog cognition by functional magnetic resonance imaging. Learning & behavior.
2017; 45(2):101–102.

13 of 15

bioRxiv preprint doi: https://doi.org/10.1101/134080; this version posted March 24, 2018. The copyright holder for this preprint (which was not
certified by peer review) is the author/funder, who has granted bioRxiv a license to display the preprint in perpetuity. It is made available under
aCC-BY 4.0 International
Pre-print license.

Huber L, Racca A, Scaf B, Virányi Z, Range F. Discrimination of familiar human faces in dogs (Canis familiaris).
Learning and motivation. 2013; 44(4):258–269.
Jack RE, Garrod OG, Schyns PG. Dynamic facial expressions of emotion transmit an evolving hierarchy of signals
over time. Current biology. 2014; 24(2):187–192.
Jenkinson M, Beckmann CF, Behrens TE, Woolrich MW, Smith SM. Fsl. Neuroimage. 2012; 62(2):782–790.
Kanwisher N, Yovel G. The fusiform face area: a cortical region specialized for the perception of faces.
Philosophical Transactions of the Royal Society B: Biological Sciences. 2006; 361(1476):2109–2128.
Kassam KS, Markey AR, Cherkassky VL, Loewenstein G, Just MA. Identifying emotions on the basis of neural
activation. PloS one. 2013; 8(6):e66032.
Kis A, Bence M, Lakatos G, Pergel E, Turcsán B, Pluijmakers J, Vas J, Elek Z, Brúder I, Földi L, et al. Oxytocin
receptor gene polymorphisms are associated with human directed social behavior in dogs (Canis familiaris).
PloS one. 2014; 9(1):e83993.
Kovács K, Kis A, Pogány Á, Koller D, Topál J. Differential effects of oxytocin on social sensitivity in two distinct
breeds of dogs (Canis familiaris). Psychoneuroendocrinology. 2016; 74:212–220.
Kragel PA, LaBar KS. Decoding the nature of emotion in the brain. Trends in cognitive sciences. 2016; 20(6):444–
455.
Leopold DA, Rhodes G. A comparative view of face perception. Journal of Comparative Psychology. 2010;
124(3):233.
Lindquist KA, Wager TD, Kober H, Bliss-Moreau E, Barrett LF. The brain basis of emotion: a meta-analytic review.
Behavioral and brain sciences. 2012; 35(3):121–143.
Lundqvist D, Flykt A, Öhman A. The Karolinska directed emotional faces (KDEF). CD ROM from Department of
Clinical Neuroscience, Psychology section, Karolinska Institutet. 1998; (1998).
Marsh AA, Henry HY, Pine DS, Blair R. Oxytocin improves speciﬁc recognition of positive facial expressions.
Psychopharmacology. 2010; 209(3):225–232.
Martinez AM. The AR face database. CVC Technical Report24. 1998; .
Mehrkam LR, Wynne CD. Behavioral differences among breeds of domestic dogs (Canis lupus familiaris):
Current status of the science. Applied Animal Behaviour Science. 2014; 155:12–27.
Merola I, Prato-Previde E, Lazzaroni M, Marshall-Pescini S. Dogs’ comprehension of referential emotional
expressions: familiar people and familiar emotions are easier. Animal cognition. 2014; 17(2):373–385.
Miklosi A, Topal J, Csanyi V. Comparative social cognition: what can dogs teach us? Animal Behaviour. 2004;
67(6):995–1004.
Morisaki A, Takaoka A, Fujita K. Are dogs sensitive to the emotional state of humans? Journal of Veterinary
Behavior: Clinical Applications and Research. 2009; 4(2):49.
Müller CA, Schmitt K, Barber AL, Huber L. Dogs can discriminate emotional expressions of human faces. Current
Biology. 2015; 25(5):601–605.
Nagasawa M, Kikusui T, Onaka T, Ohta M. Dog’s gaze at its owner increases owner’s urinary oxytocin during
social interaction. Hormones and Behavior. 2009; 55(3):434–441.
Nagasawa M, Mitsui S, En S, Ohtani N, Ohta M, Sakuma Y, Onaka T, Mogi K, Kikusui T. Oxytocin-gaze positive
loop and the coevolution of human-dog bonds. Science. 2015; 348(6232):333–336.
Nagasawa M, Murai K, Mogi K, Kikusui T. Dogs can discriminate human smiling faces from blank expressions.
Animal cognition. 2011; 14(4):525–533.
Norman KA, Polyn SM, Detre GJ, Haxby JV. Beyond mind-reading: multi-voxel pattern analysis of fMRI data.
Trends in cognitive sciences. 2006; 10(9):424–430.
Peirce JW. PsychoPy—psychophysics software in Python. Journal of neuroscience methods. 2007; 162(1-2):8–13.

14 of 15

bioRxiv preprint doi: https://doi.org/10.1101/134080; this version posted March 24, 2018. The copyright holder for this preprint (which was not
certified by peer review) is the author/funder, who has granted bioRxiv a license to display the preprint in perpetuity. It is made available under
aCC-BY 4.0 International
Pre-print license.

Pongrácz P, Miklósi Á, Vida V, Csányi V. The pet dogs ability for learning from a human demonstrator in a detour
task is independent from the breed and age. Applied Animal Behaviour Science. 2005; 90(3):309–323.
Racca A, Guo K, Meints K, Mills DS. Reading faces: differential lateral gaze bias in processing canine and human
facial expressions in dogs and 4-year-old children. PLoS one. 2012; 7(4):e36076.
Shahrestani S, Kemp AH, Guastella A J. The impact of a single administration of intranasal oxytocin on the
recognition of basic emotions in humans: a meta-analysis. Neuropsychopharmacology. 2013; 38(10):1929.
Somppi S, Törnqvist H, Kujala MV, Hänninen L, Krause CM, Vainio O. Dogs evaluate threatening facial expressions
by their biological validity–Evidence from gazing patterns. PloS one. 2016; 11(1):e0143047.
Wobber V, Hare B, Koler-Matznick J, Wrangham R, Tomasello M. Breed differences in domestic dogs’(Canis
familiaris) comprehension of human communicative signals. Interaction Studies. 2009; 10(2):206–224.
Worsley K. Statistical analysis of activation images. Functional MRI: an introduction to methods. 2001; 14:251–
270.

15 of 15

