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Abstract
Cell migration is of major importance for the understanding of phenomena such as morphogenesis, cancer
metastasis, or wound healing. In many of these situations cells are under external confinement. In this work we
show by means of computer simulations with a Cellular Potts Model (CPM) that the presence of a bottleneck in
an otherwise straight channel has a major influence on the internal organisation of an invading cellular monolayer
and the motion of individual cells therein. Comparable to a glass or viscoelastic material, the cell sheet is found
to exhibit features of both classical solids and classical fluids. The local ordering on average corresponds to a
regular hexagonal lattice, while the relative motion of cells is unbounded. Compared to an unconstricted channel,
we observe that a bottleneck perturbs the formation of regular hexagonal arrangements in the epithelial sheet
and leads to pile-ups and backflow of cells near the entrance to the constriction, which also affects the overall
invasion speed. The scale of these various phenomena depends on the dimensions of the different channel parts,
as well as the shape of the funnel domain that connects wider to narrower regions.

1 Introduction

In their natural environments, collectively moving cell assem-
blies often face obstacles or barriers. Such external constraints
hinder free movement and force the cells to squeeze through
narrow gaps or move along externally predetermined routes.
Examples for such situations are cancer development and mor-
phogenesis [1, 2, 3, 4, 5], where cells move as cohorts and are
surrounded by other cells and extracellular tissue.

To investigate how such extracellular constraints alter cellular
behaviour, idealised in-vitro experiments have been set up in en-
vironments with different geometries [6]. This has been realised
for single cells that squeeze through tight capillaries [7, 8], but
also in numerous experiments on collective cellular assemblies
in diverse settings like straight 2D troughs [9, 10, 11, 12, 13, 14]
and 3D tubes [15], winding canals [16], and expanding or nar-
rowing channels [17]. The general question is what phenomeno-
logical effects are induced by external confinement and guid-
ance, for example regarding flow behaviour, cell shape, spatial
arrangement of cells in the cell sheet, or cell division.

Computational models have been employed to help us gain a
better understanding of the essential mechanisms that govern
cell behaviour in situations like those described above [18, 19].
The behaviour of cells is governed by numerous complex me-
chanical and regulatory internal processes as well as chemical
and mechanical interaction between cells. Computational mod-
els that simulate single cells attempt to reproduce the observed
behaviour at small scales, or at least certain aspects of it, by
reducing the complex real-world machinery to simpler mecha-
nisms with the aim of capturing the important features of cell
behaviour like migration or interaction with other cells. The
intention is to construct a minimal functional system that ret-
rospectively justifies the initial guess as to what features were
deemed important.

Four types of models for collective cellular dynamics that follow
this idea are the so-called Cellular Potts Models (CPM) [20,
21, 22], models in which cells are represented as self-propelled

interacting particles [23, 24, 25], phase-field models [26, 27, 28,
29, 30], and so-called vertex models [31, 32, 33, 34, 35]. In the
context of cellular assemblies moving in tight channels, self-
propelled particle models have been used to investigate straight,
converging, and diverging channels [25]. Another approach uses
continuum models in which single cells are not resolved. These
take into account fundamental symmetries and coarse-grained
mesoscopic forces, which provide a larger-scale picture of the
system, and they have already been shown to be applicable
to cellular systems [36, 37, 38, 39, 18]. Continuum models
have also been used to simulate the dynamics of active matter
confined to elongated channels [40, 41] and to model invasion
of active matter into a narrow straight capillary [42].

In this work, we want to extend previous studies that analysed
how confinement in a straight channel affects cellular motion.
To that end, we investigate how a cellular sheet adapts to a
channel of varying diameter. Similar situations can be expected
to arise in real-world scenarios where a migrating cellular cluster
is forced to squeeze through a narrower capillary of surrounding
tissue.

The paper is organised as follows: In Sec. 2, we explain our
setup and the main features of our model for simulating the
epithelial layer, focusing on properties that are central to our
specific study. Presenting the numerical results in Sec. 3, we
first give a qualitative overview and then analyse the cell sheet’s
internal spatial order and collective dynamics, as well as the
dynamics of individual cells. Finally, we discuss consequences
of variations in channel geometry and model parameters before
we conclude with a summary and discussion in Sec. 4.

2 Setup and model
We investigate the internal spatial organisation and dynamics
of an epithelial cell sheet encountering, traversing, and emerg-
ing from a bottleneck, whose geometry is shown in Fig. 1A.
This setup is intended to be an idealised representation of a
capillary-like constriction that cells might encounter in their nat-
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Figure 1: Simulation setup and model. (A) Geometry of simula-
tion setup. Cells enter the channel from a reservoir (not shown)
on the left. D and d denote the diameters of the wider parts
and the narrower part (“bottleneck”) of the channel, respectively.
Regions R0, R1, and R2 denote the space before, within, and
beyond the bottleneck, respectively. In this work, we will anal-
yse these regions separately to investigate the influence of the
bottleneck on cell motion. (B) Sketch illustrating the model. On
the hexagonal grid, a cell C can occupy several tiles (marked
blue). The cell boundary B (violet) is then formed by their
outermost edges. Movement of cells is realised by occupying
and abandoning tiles, the dynamics of all cells is governed by a
kinetic Monte-Carlo algorithm.

ural environment. We first let a cellular sheet grow in a reservoir
to the left of the channel (not shown in figures) and at t = 0
open the channel to initiate invasion. From that point on, we
monitor the internal spatial organisation and dynamics of the
cellular sheet.

In our computational approach, we use a Cellular Potts Model
(CPM) that simulates individual, spatially extended cells and
their internal dynamics, as well as their mutual interaction on
a two-dimensional plane. This computational model adopts an
integrative perspective on high-level cell functionality, including
the propensity of cells to establish and maintain cytoskeletal
polarities, cell-cell and cell-substrate interactions, as well as a
basic notion of cell mechanics.

Models of this kind have successfully in reproduced the cellu-
lar dynamics of single cells moving in stripe-shaped environ-
ments [43] and on substrates of varying stiffness, [44] as well as
small numbers of cells in circular [45] or channel-shaped [46]
environments, and cell sheets of 2000+ cells expanding into
free space [22, 47]. We therefore would argue that the CPM,
despite its simple structure, captures essential features of the
complex mechanisms that govern real-world epithelial cell dy-
namics, and permit general predictions of the behaviour of cells
under in-vitro conditions.

Specifically, we use the model and implementation described
in Ref. [22] with slight modifications in the cell-division mech-
anism (for details see sections A.1-A.3). Figure 1B illustrates
how cells are represented in the model. It is a cellular-automaton-
type model, where space is discretised into a hexagonal tiling.

A cell occupies several tiles in the plane that reflect the contact
area of the cell with the surface and every tile can be occupied
by only one cell. The membrane of the cell is formed by the
perimeter of the tiles that it occupies. By occupying new tiles or
leaving previously occupied ones, cells can change shape and
size and, via a combination of several events, migrate on the
substrate. The dynamics is governed by a kinetic Monte-Carlo
scheme which aims to minimise a global effective free energy.
This free energy depends on the collective arrangement of cells,
as well as the state of their internal variables, and changes over
time as a consequence of the non-equilibrium processes that
mimic internal processes of the cells. Among the mechanisms
that contribute to the free energy, we will here focus on those
that are most relevant for our study:

• A preferred cell area and membrane length (circum-
ference): A term Hcont = κAA2 + κPP2 for every cell,
which restrains membrane and cortex deformations.
Here, κA is the area stiffness, κP the perimeter stiffness.
Together with substrate adhesion, which favours larger
cells (as explained below), this leads to a preferred cell
size.

• Cell-cell adhesion and cell-cell dissipation: Two cells
occupying neighbouring tiles obtain an energy benefit
that reflects the formation of intercellular bonds (cell-
cell adhesion), while loss of such mutual contacts and
the associated breaking of bonds is energetically pe-
nalised (cell-cell dissipation). These effects combined
lead to coherent cell structures in the simulation and
thus ensure the cohesion of the cell sheet. Dissipation
also leads to “viscosity-like” effects.

• Interaction with the underlying substrate regulated by
an internal polarisation field: The cytoskeleton of the
cell, which is regulated by networks of signalling pro-
teins [48, 49], adheres to the substrate via integrins and
determines the tendency of a cell to form protrusions
or to retract. The contribution to the Hamiltonian that
is associated with cell shape, Hcont is purely contrac-
tile, and thus would, by itself, lead to detachment of
cells from the substrate thereby favouring cells with
zero contact area. To counteract this cell contractility
and detachment, we use an effective surface adhesion
energy, the scalar polarisation field ε. This polarisa-
tion field serves as a proxy for the ability of cells to
form focal adhesions and to facilitate polymerisation
of the actin cytoskeleton. A higher value of the po-
larisation field can be interpreted as a stronger local
adhesion, therefore counteracting retractions and fa-
cilitating protrusions. Similarly, a low value of the
polarisation field means that it cannot locally balance
out cell contractility, so that the cell will retract (i.e.
detach from the substrate). In turn, we represent the
signalling networks that regulate the formation of fo-
cal adhesions and polymerisation of the cytoskeleton
via two prototypic feedback loops: in the vicinity of
protrusions (retractions) we increase (decrease) the po-
larisation field. It is this feedback loop that prevents
the system from relaxing to a time-independent global
minimum-energy state and induces an internal polari-
sation and persistent motion of cells. The interplay of

.CC-BY-NC 4.0 International licenseavailable under a
(which was not certified by peer review) is the author/funder, who has granted bioRxiv a license to display the preprint in perpetuity. It is made 

The copyright holder for this preprintthis version posted March 25, 2021. ; https://doi.org/10.1101/2021.03.25.436985doi: bioRxiv preprint 

https://doi.org/10.1101/2021.03.25.436985
http://creativecommons.org/licenses/by-nc/4.0/


Preprint – Tissue flow through pores: a computational study 3

−200

0

200

y

0.0

0.5

v̄ x
(x
)

−200

0

200

y

−1000 −500 0 500
x

1
2
3

N̄
(x
)

-1
0
1

2

4

vx

N

A

B

C

D

region R0 region R1 region R2

Figure 2: Example of a simulation in a constricted channel.
Bottleneck diameter d corresponds to about 10 cells, diameter
of the broad regions is D = 3d, length of bottleneck ≈ 5d. (A)
Heatmap showing cell velocities along the channel axis vx(x, y)
at a late time-point in the simulation. (B) vx(x, y) averaged over
y and time. At the average velocity of ∼ 0.5 in the narrow
region R1, a cell takes ∼ 30 time steps to cover the distance
corresponding to one cell diameter. (C) Heatmap showing the
density distribution N(x, y) at a late time-point in the simulation.
(D) N(x, y) averaged over y and time. Observables in B and D
show higher values in region R1. Error bars in B and D show the
standard deviation.

the polarisation field and cell-cell adhesion results in
collectively migrating, coherent patches of cells.

• Internal cell-cycle: To achieve invasion of cells into
the capillary, proliferation of cells needs to be imple-
mented. After a growth period in which κA and κP are
continuously adapted such that the preferred size of
the cell doubles over the full period, the cell enters a
division phase. The polarisation field uniformly drops
to zero and at the end the cell splits into two identical
daughter cells. After division, the daughter cells are in
a quiescent state, i.e. there is no growth. After a certain
time, cells are ready to enter the growth phase again,
but do so only if the cell size, via fluctuations, exceeds
a certain threshold. The latter effect ensures that growth
is halted above a certain cell density. In our simula-
tions, cell division is limited to the reservoir, as we
assume that the entire trajectory in our system occurs
on timescales in which cell division can be neglected.

For a complete listing of the parameters and their values used,
see section A.

3 Results

3.1 Velocity and density profiles

The bottleneck with its smaller diameter d hinders free homoge-
neous expansion of the cell sheet in the direction of the channel
axis. As illustrated in the example in Fig. 2, the constriction
affects cell velocities as well as the number density. In this
example, D = 3d, where d corresponds to roughly the width of
10 cells. The length of the bottleneck is ≈ 5d.

The forward velocity vx(x, y) (Fig. 2A,B) increases in the narrow
region and drops again following passage through the constric-
tion to a value larger than the velocity at the entrance. This
disparity of velocities is explained by clusters of cells that are
forced to retreat owing to the congestion caused by the con-
striction - a phenomenon we call "backflow" - which leads to a
reduction in the average v̄x(x) and an increase in the standard de-
viation (Fig. 2A) . This is in contrast to what would be observed
for laminar flow of an incompressible fluid where the fact that
the channel width is the same on both sides of the narrow region
would lead to identical values of v̄x(x) [50].

In comparison, the number density N(x, y) of cells (Fig. 2C,D)
is roughly constant in the regions R0 (ahead of the bottleneck)
and R1 (inside the bottleneck), but shows a slight rise right in
front of the funnel and drops considerably upon leaving the
bottleneck, i.e. when the channel widens again. The rise points
to an accumulation and corresponding compression of cells
in the funnel. Interestingly, the higher density of cells is not
“translated” into the narrow channel section, but causes cells
to change direction, thus causing the backflow. In contrast,
the widening at the end of the channel allows expansion of
the epithelial sheet, leading to a lower density, or larger cell
areas, and reduced velocity in the region beyond the bottleneck.
Thus, both findings show that cells do not pass the narrow part
smoothly, like a laminar fluid would do, but that the rightwards
motion of the cells is distorted and the flow behaviour of the cell
sheet clearly shows properties of a compressible fluid. In general,
it should also be noted that fluctuations in both observables are
quite high, as the standard deviation is of the same order of
magnitude as the mean values (Fig. 2B,D).

3.2 Spatial organisation

To further assess the effect of the bottleneck (Fig. 1A) on the
spatial organisation of cellular tissue, we measured the radial
distribution function (RDF) in our simulations. The RDF is
defined as

g (r) ∝
〈∑
α,β

δ
(
r − rα + rβ

)〉
t

. (1)

The double sum in Eq. (1) runs over all pairs of cells in the
area under observation, with rα, rβ being the positions of the
cells [51] while the angular brackets indicate a time average
which is taken late in the simulation such that there are cells in
all channel regions. In essence, this yields a histogram of the dis-
tribution of mutual particle-particle distances r that characterises
the close-range order of the cells. To analyse the differences
between the three regions of the bottleneck setup, we calculate
the RDF separately for each.

Figure 3 shows a comparison between a system with a uni-
form channel width D (X1) and a channel geometry which also
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Figure 3: Comparison of cellular order and dynamics between a homogeneous and a constricted channel, channel parameters as
in Fig. 2. Left (panels X1): homogeneous channel, right (panels X2): channel with bottleneck. (A) Kymograph of the velocity in
channel direction, vx(t, x). Dashed lines indicate transition regions in A2, and are indicated for comparison in A1. Two features
of cell motion in the bottleneck configuration (on the right) are clearly visible: the higher velocity in region R1 (for definition
of regions see panel A and Fig. 1) and the backwards motion of cells in front of the bottleneck. Both are already discernible in
Fig. 2A,B. (B-D) Radial distribution functions (RDF) for the different regions of the channel, as defined in the main text. The
six regularly spaced peaks around the centre for the straight channel in B1 reflect the disposition of cells on a hexagonal lattice,
while the more washed-out patterns in regions R0 and R1 in B2 show that spatial constraints prevent the cells from adopting that
arrangement. For more detailed analysis, the RDF is integrated over the radius (panels C) or the polar angle (panels D). Vertical
black lines in C and dashed radial lines in B mark maxima in the marginalised angular distribution function fφ(φ) as detected
by our algorithm (for details see section B.2). Largely unperturbed hexagonal order is reflected by six pronounced maxima,
while additional peaks appear at −π/π and 0 in region R1. The vertical black lines in D and the dashed circle in B mark the
respective maxima of the marginalised radial distribution functions fr(r) which give the typical nearest-neighbour distances. (E)
Mean-squared displacement (MSD, solid line) of cells and cage-relative mean-squared displacement (CR-MSD, dashed line).
Black dashed-dotted lines show linear and quadratic scaling, respectively. In contrast to the ballistic MSD, the CR-MSD clearly
scales with a lower, but still finite exponent. This shows that cells, unlike particles in a true solid, are not caged, but behave more
like diffusive particles suspended in a liquid. Such a combination of properties that is typical for glasses and viscoelastic materials.
As an exception, the CR-MSD is superlinear in region R0 of the bottleneck channel. Here the backflow leads to enhanced relative
motion of cells.
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contains a bottleneck of diameter d (X2). In the absence of a
bottleneck, the RDF exhibits a set of six fairly pronounced peaks
regularly spaced on a circle around the centre. Note that even
higher order peaks are clearly visible, indicating a finite range of
lattice-like order with hexagonal symmetry. This is reminiscent
of a similar degree of ordering observed in two-dimensional
colloidal systems [52]. The appearance of such sixfold coordi-
nation in cellular sheets is consistent with previous studies, as it
was observed very early in vivo [53], as well as more recently in
Voronoi [54] and vertex [55] models. It can also be motivated
from purely topological considerations [56].

In contrast to the fairly regular and homogeneous patterns that
we observed in the straight channel, the degree of ordering
shows significant spatial variation across the different regions
in the presence of a narrower central section. In front of the
bottleneck (left panel in B2), the six peaks are blurred in the
angular direction and there are no further peaks beyond the
closest six. Both observations hint at a distortion of the regular
hexagonal order. Inside the bottleneck (centre panel in B2), two
additional peaks appear at ∆y = 0 which come from neighbours
before and after the cell along the channel axis. We suppose
that this longer-ranged ordering is due to the fact that the closer
channel boundaries force cells towards the centre, and thus
hinder the free development of the hexagonal pattern in lateral
direction. To the right of the bottleneck, the ordering is fairly
similar to that observed for systems with a uniform channel
width. This is because, as in the straight channel, cells can
invade the free space beyond the bottleneck without hindrance.

In order to bring out the characteristic features of the RDF more
clearly, we look at the marginalised angular distribution fφ(φ)
and the marginalised radial distribution fr(r). These represent
the integral over the radius and over the polar angle, respectively
(for details see section B.2). fφ(φ) allows one to compare number
and arrangement of the maxima in the RDF, fr(r) can be used to
determine their typical distance from the centre. The results are
shown in Fig. 3C,D.

In the cases where the radial distribution function g (r) shows
six distinct peaks, there are also distinct peaks in fφ(φ). In
contrast, when the RDF is more blurred, then the peaks in fφ(φ)
are also less pronounced. This is especially prominent in the
regions R0 and R1 for the channel with a bottleneck. In all
cases, however, the radial distribution fr(r) shows a distinct
peak at position lmax indicating the typical nearest-neighbour
distance. Additional maxima are due to second and further
nearest-neighbours. While this inter-cell distance is more or
less constant along a straight channel, under the influence of
the bottleneck geometry it is considerably larger in region R2
beyond the bottleneck compared to the other regions R0 and R1.
These observations from the marginalised distributions fφ(φ) and
fr(r) support the following conclusions: cells are compressed
ahead of the funnel and in the narrow region, which translates
into a reduced neighbour-neighbour distance, but also induces
asymmetries in the hexagonal arrangement.

3.3 Collective cell dynamics

In order to assess the dynamics of the cells, we monitored both
their collective dynamics (Fig. 3A) as well as the dynamics of
individual cells (Fig. 3E).

For the collective dynamics, we follow the time evolution of
the mean velocity-profile in channel direction v̄x(t, x) as it is
shown in the kymographs in Fig. 3A. Here, the velocity profile
for one instant in time is plotted along the horizontal axis using a
colour code, and time evolution thus proceeds along the vertical
axis from top to bottom. Locations where there are no cells
appear white, so that the trajectory of the advancing front of
the cell sheet appears as the line that separates the white from
the red area. Figure 3A shows that the velocity field is more
homogeneous in the straight channel, as there is no backflow or
regional velocity increase, and only slight wave-like modulations
appear. These modulations are also present in the case with
a bottleneck, but in general appear only as slight variations
compared to the other effects, such as backflow and velocity
increase in the narrow region. Also, we note that backflow
appears with some delay after the first cells have passed through
the funnel and begun to invade the narrow region.

To characterise the dynamics beyond the mean velocity profile,
we next have a look at the second moment of the cell trajectories.
A typical measure for the second moment is the mean squared-
displacement (MSD), which tells us about the movements of
the cells relative to the laboratory frame, i.e. the surrounding
confinement, but does not inform us how particles move rel-
ative to each other. To quantify this relative motion, we also
consider the so-called cage-relative MSD (CR-MSD). In this
quantity, the mean trajectories of all neighbours of a cell are
subtracted from the cell’s trajectory. Then, the MSD is calcu-
lated from this relative trajectory [57, 58] (details in section B.2).
In two-dimensional colloidal systems, the CR-MSD, due to its
local nature and hence independence from large-scale (Mermin-
Wagner) fluctuations, can be used to discern solid and fluid states
with more contrast than the ordinary MSD. In a solid, single
particles are “caged”, i.e. trapped between their neighbours
and thus the CR-MSD is bounded. In contrast, in a fluid, the
CR-MSD would be unbounded and would steadily increase with
time [58].

In our system, the “ordinary” MSD (solid lines in Fig. 3E)
scales with t2, reflecting the polarised and coordinated motion
of the particles through the channel. The CR-MSD (dashed
lines in Fig. 3E) in comparison shows a reduced scaling as
overall rightwards motion is subtracted, but is not bounded.
This indicates that cells are not trapped between neighbours,
but that instead there is relative motion between cells inside
the sheet and change of neighbours. This dynamic feature,
combined with regular hexagonal order, is typical for glass-
like systems [58]. Such parallels between glasses and cellular
systems have previously been reported in various experimental
and theoretical studies. [59, 60, 61, 62, 63]

3.4 Varying channel widths

After learning how the presence of a bottleneck affects spatial
organisation and spatio-temporal dynamics of cell sheets, we
next ask how the observed effects depend on the exact channel
geometry. We start by varying the values for the diameters D
and d for broad and narrow channel regions, respectively.

In Fig. 4, we compare the spatial organisation of the cellular
aggregate under variation of D ∈ { 12 D0,D0, 2D0} and relative
to that d ∈ {d− ≡ 1

12 D, d0 ≡
1
3 D, d+ ≡

1
2 D}, where (D0, d0)

refers to the parameter combination studied in the previous

.CC-BY-NC 4.0 International licenseavailable under a
(which was not certified by peer review) is the author/funder, who has granted bioRxiv a license to display the preprint in perpetuity. It is made 

The copyright holder for this preprintthis version posted March 25, 2021. ; https://doi.org/10.1101/2021.03.25.436985doi: bioRxiv preprint 

https://doi.org/10.1101/2021.03.25.436985
http://creativecommons.org/licenses/by-nc/4.0/


Preprint – Tissue flow through pores: a computational study 6

−5/6π

−1/2π

−1/6π

1/6π

1/2π

5/6π

ϕ
m
ax

R0 R1 R2

10

15

l m
ax

-30
0
30

∆
y

-30
0
30

∆
y

-30 0 30
∆x

-30
0
30

∆
y

-30 0 30
∆x

-30 0 30
∆x

R0 R1 R2

-30 0 30
∆x

-30 0 30
∆x

-30 0 30
∆x

R0 R1 R2

-30 0 30
∆x

-30 0 30
∆x

-30 0 30
∆x

A

B

R0

½D0
R1 R2 R0

D0
R1 R2 R0

2D0
R1 R2

d−

d0

d+

Figure 4: Comparison of cellular order in constricted channels of varying width. (A) Radial distribution functions (RDF) for
different diameters D of broader channel sections and d of constricted channel section (for definition of regions see Fig. 2). From
left to right: increase in D ( 1

2 D0,D0, 2D0), from top to bottom: increase in d relative to D (d− ≡ 1
12 D, d0 ≡

1
3 D, d+ ≡

1
2 D). The
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axis of the respective plots correspond to the regions indicated. Varying marker forms indicate varying D, varying colors indicate
variations in d as the small symbols above the plots in part A show. In both panels, plots show results for increasing D from left to
right. Upper panel: Positions of maxima in the marginalised angular distribution function obtained from radial integration of
the RDF (compare part C of Fig. 3, and Supp. Fig. 3). For situations similar to those in region R1 for (D0, d0) or ( 1

2 D0, d0), the
detectability of the additional maxima depends on the parameters chosen for the maxima detection algorithm (section B.2)), but
still reflects the influence of the greater proximity of the walls. Lower panel: Positions of the maxima in the marginalised radial
distribution function obtained from the angular integral of the RDF. As shown in panel D of Fig. 3, angular integration of the RDF
leads to a distribution whose first peak shows the typical nearest-neighbour distance. Variation across regions is the same as that
across parameter combinations except for largest (D, d). (leftmost plot: violet cross on top of the orange cross for region R1, same
for the + in R0 in the rightmost plot. Also there in R2, the orange + is on top of the green one.)

.CC-BY-NC 4.0 International licenseavailable under a
(which was not certified by peer review) is the author/funder, who has granted bioRxiv a license to display the preprint in perpetuity. It is made 

The copyright holder for this preprintthis version posted March 25, 2021. ; https://doi.org/10.1101/2021.03.25.436985doi: bioRxiv preprint 

https://doi.org/10.1101/2021.03.25.436985
http://creativecommons.org/licenses/by-nc/4.0/


Preprint – Tissue flow through pores: a computational study 7

sections. Comparing the results across all combinations of these
parameters, the following general observations can be made. In
region R2 (behind the bottleneck), there is pronounced hexagonal
order in all cases. In contrast, in the other regions the degree of
spatial ordering depends on the absolute and relative magnitude
of the width of the broader sections D and the bottleneck d.

On the whole, there is a tendency that the larger the diameters
D or d, the lower the perturbations of the spatial order, i.e. the
closer the ordering is to a regular hexagonal configuration. We
attribute this to the fact that for smaller D and bottleneck diame-
ter d, the bottleneck poses a greater hindrance to free movement
of cells. For example, the tight bottleneck d− corresponds to
the width of 2-3 cells for D = D0. Thus, for extreme constric-
tions d−, cells are forced into a single-file-like configuration,
as the angular locations of the RDF’s peaks in the upper panel
of Fig. 4B indicate. Analogously, the lower panel of Fig. 4B
shows that for smaller d, the typical distance between the cells,
lmax, drops in region R1 indicating a higher cell density. For
region R0 maxima in the RDF are smeared out in Fig. 4A. That
indicates distorted hexagonal order in this region (see also Supp.
Fig. 3). These observations show that a bottleneck diameter d
that permits passage only to a few cells in parallel qualitatively
changes spatial organisation inside the bottleneck.

We also analysed how the dynamics of cells is affected by
changes in the geometry of the confinement; see the MSD and
CR-MSD shown in Supp. Fig. 4 and the corresponding scaling-
analysis in Fig. 5. Beyond the bottleneck (region R2), where as
we have seen cellular organisation is hexagonal and cell density
is minimal, the MSD indicates ballistic cell movement, while the
CR-MSDs’ scaling exponent is significantly reduced and hints at
diffusive motion of cells relative to their neighbours. This is the
same result as obtained for a straight channel without a funnel
(see Supp. Figs. 5-9). In contrast, in the spatial domain ahead
of the bottleneck (region R0), backflow and congestion effects
lead to a distinct scaling of the MSDs: especially for smaller
diameter D of the broader section, ballistic motion is inhibited.
At the same time, relative motion as measured by the CR-MSD
is superdiffusive and scales comparably to the ordinary MSD.
Together, these derivations reflect less directed movement, but
enhanced mixing of the cells.

Finally, inside the bottleneck (region R1), the CR-MSD in gen-
eral scales with a smaller exponent than the ballistic ordinary
MSD, but is still super-diffusive. This again indicates perturba-
tion of local cellular order there. The configuration of smallest
diameters, with a constant CR-MSD, represents an exception.
As the bottleneck’s diameter in this case corresponds to only
one or two cell diameters, cells are in a locked-in configuration
as soon as they enter the narrow part so that movement relative
to neighbours is bounded. In the context of thermal colloids, a
similar effect is referred to as “single-file diffusion”. [64]

In summary, we observe that the narrow funnel forces cells to
adopt a different arrangement. This results in different dynamics,
not only inside the bottleneck, but also in the region ahead of it.

3.5 Varying the diameter gradient in the funnel region

Because of the large influence of the funnel, i.e. the transition
region between wider and narrower parts, has on the collective
order and dynamics of the cells, we also considered channels
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Figure 5: Comparison of MSDs in constricted channels of vary-
ing width. (A) Exponent from monomial fit to the MSD for
same parameter configurations as in Fig. 4, depicted separately
for different bottleneck diameters d and regions R0, R1, and R2.
Except for the very narrow configuration (blue diagonal crosses),
the MSD reflects the ballistic motion of the polarised cells in
regions R1 and R2. In region R0, congestion at the bottleneck
entrance leads to a reduced exponent. (B) Corresponding expo-
nents from monomial fits to the late CR-MSD (for definitions
see section B.2). Compared to the ordinary MSD in A, the ex-
ponents are reduced in regions R1 and R2, indicating reduced
relative motion and thus coordinated motion of cells.

where this transition is smoother; in other words, the funnel
is longer. In Fig. 6A, the velocity in channel direction vx(r, t)
is compared for both cases. Velocities are higher for the more
slender geometry in the region R0 in front of the bottleneck,
but very similar in the other areas. This indicates that backflow
is considerably reduced (see also Supp. Figs. 10,11) and that
transport along the channel is enhanced. These findings are
in line with the results for the scaling of the MSDs (Fig. 6B,
Supp. Figs. 13,14): While in general the results are similar,
in region R0 the ordinary MSD’s scaling exponent is closer to
two for the slender geometry. In contrast, the exponents for the
CR-MSD are smaller in regions R0 and R1, corresponding to re-
duced mixing of cells and more stable configurations. Not much
difference can be observed in the positions of the maxima in the
angular distribution of the RDF fφ(φ) (Fig. 6C, Supp. Fig. 12),
while the typical nearest-neighbour distance lmax is lower for the
slender geometry in regions R1 and R2, i.e. within and beyond
the bottleneck. These findings for the MSDs and the spatial
organisation of cells are in line with the observation of a reduced
backflow ahead of the channel’s narrow section, which allows
cells to squeeze through the bottleneck more efficiently. All in
all, the more slender channel entry allows cells to stack more
compactly and stably in the narrow region, and thus facilitates
higher transport through the channel, which also leads to less
backflow and congestion.

.CC-BY-NC 4.0 International licenseavailable under a
(which was not certified by peer review) is the author/funder, who has granted bioRxiv a license to display the preprint in perpetuity. It is made 

The copyright holder for this preprintthis version posted March 25, 2021. ; https://doi.org/10.1101/2021.03.25.436985doi: bioRxiv preprint 

https://doi.org/10.1101/2021.03.25.436985
http://creativecommons.org/licenses/by-nc/4.0/


Preprint – Tissue flow through pores: a computational study 8

−0.4

−0.2

0.0

0.2

0.4

0.6

0.8

⟨v
x
(x

,
y
,
t)
⟩ x

,y
,t

0

1

2

ex
p.

M
SD

0

1

2

ex
p.

CR
-M

SD

R0 R1 R2

−5/6π

−1/2π

−1/6π

1/6π

1/2π

5/6π

ϕ
m
ax

R0 R1 R2

8

10

12

14

16

18

l m
ax

ref.

slender

A B

C D

(D0, d−), ref.
(D0, d0), ref.
(D0, d+), ref.

(D0, d−), slender
(D0, d0), slender
(D0, d+), slender

Figure 6: Comparison of internal organisation and dynamics for
different designs of the channel entrance and exit. The reference
design has sharper transitions while these are less abrupt for
the “slender” geometry, as the sketches between panels B and
D illustrate. (A) Average velocity in channel-axis direction
in the three different regions. The higher values in region R0
reflect smoother transitions due to the reduced backflow. (B)
Comparison of scaling of MSDs. The ordinary MSD (upper
panel) scales very similarly for both, the CR-MSD’s exponent is
generally lower for the slender geometry, which points to a more
regular dynamics reduced relative motion of cells. (C) Angles at
which maxima in the RDF appear. Results are very similar: the
difference for (D0, d0) is attributable to the non-linear character
of the maxima detection rather than a real difference in the RDF.
(D) Typical distance of maxima in the RDF from the centre.
For the same values for (D, d), the slender geometry leads to
larger distances, i.e. lower cell densities, in region R0 and higher
densities, or smaller distances, in the other regions. This is
compatible with the observation that the slender geometry yields
less congestion at the entrance and facilitates a denser packing
inside the bottleneck.

In addition to variations in channel geometry, the system’s be-
haviour can be changed by variation of parameters. In general,
the influence of parameters on the dynamics of single cells and
collectives in the CPM is examined in detail in Ref. [22]. In
the context of our study, cell-cell adhesion has an especially
interesting effect. Higher cell-cell adhesion energies cause cells
to follow their neighbours more eagerly at the edge of the epithe-
lial sheet. This leads to an increase in mean cell velocities and
densities and thus facilitates faster invasion (see section A.4).

4 Conclusions

In this work, we have used computer simulations of a Cellular
Potts Model (CPM) which emulates individual cells that ex-
hibit internal polarisation and pairwise, as well as cell-substrate,
interactions. We aimed at investigating the influence of a bot-
tleneck channel on an advancing cellular monolayer. To this
end, we compared the local spatial organisation of the cellular
agglomerate and the collective as well as individual dynam-
ics of cells ahead of, within and beyond the bottleneck across
varying geometries. The radial distribution function, the mean
velocity of cells in the direction of the channel axis, and the
scaling of the cells’ mean-squared displacement served us as the
corresponding observables.

While cells in an unconstricted channel tend to organise in
sixfold-coordinated hexagonal structures and move along the
channel with only minor variations in speed and density, the
presence of a bottleneck leads to accumulation and reflux of
cells near the entrance to the narrow part of the channel, and
to distortions of hexagonal order. This effect strongly depends
on the relative diameters of the broader and tighter channel sec-
tions as well as the design of the transition region in between:
The larger the dimensions of the geometry, the less effect on
order and dynamics in the cell sheet, while more “streamlined”
transitions from broad to narrow facilitate a tighter packing of
cells in the bottleneck and hence reduce backflow and pile-up at
the bottleneck entrance. These effects, especially on the spatial
organisation of cells in the interior of the epithelial sheet, are
particularly strong when bottleneck dimensions approach the
diameter of only a few cells.

From the physics perspective, the cells show interesting col-
lective properties. On the one hand, we observe features rem-
iniscent of a compressible fluid: increase in density and flow-
velocity in the narrow part of the channel while the CR-MSD
shows that single particles are not caged completely. On the
other hand, there is short-range hexagonal order, which is a
typical attribute of solids. The cell sheet thus displays features
of both solids and fluids, as it represents a collective composed
of ballistically moving agents. In accordance with previous
studies, it thus behaves like a glass [59, 60, 61, 62, 58, 63] that
oozes through down the channel. These collective properties
are an emergent phenomenon of the interaction of our model
cells via cell-cell adhesion which leads to strong coherence in
the monolayer and dictate its properties.

The focus of our work lies on the internal structure and single-
cell dynamics inside the sheet and how it is influenced by a
bottleneck. Previous works, both experimental [9, 10, 11, 12, 17,
13, 14, 16] and numerical [25, 42], have concentrated on velocity
and density fields or the shape of the invasion front in channels
of constant [9, 10, 11, 12, 17, 13, 14, 16, 25, 42] or linearly
changing [17, 25] diameter. In many of these studies strong
density fluctuations in the channel are reported, a feature that
our model did not reproduce. Additional intercellular coupling
mechanisms, possibly of the polarisation field, may be required
to reproduce this phenomenon.

From the biologist’s point of view, under the assumption that
our simplistic model captures the system’s essential properties,
our observations provide information on how an epithelial cell-
sheet might react when confronted with physically constricting
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environments, for example during cancer metastasis or morpho-
genesis [2, 65]. It would be interesting to see if our results can be
reproduced in laboratory experiments. As our analyses heavily
rely on positional data of cell centres, potential experiments to
test our predictions need to be able to identify and track individ-
ual cells or nuclei. Under a more general perspective, the work
presented here provides an additional test case on the question
of whether the CPM, despite its relatively simple structure, is
specific enough to capture variations in the behaviour of cells
under varying experimental conditions and can therefore serve
as a useful tool for the understanding of cellular dynamics.

In addition, the versatile nature of our model makes it readily
adaptable to reflect more closely the conditions of certain exper-
imental systems that for example use a particular type of cells,
substrate or channel geometry. This can be achieved not only
by variation of parameters, but also by further modifications,
such as the use of a viscoelastic substrate [44], additional in-
teraction mechanisms, or different confining geometries. Also
more detailed models for the internal dynamics could be intro-
duced. For example, replacing the scalar polarisation field with
a polar or nematic field could provide a means of mimicking the
symmetry properties of the stress fibres in the cytoskeleton and
the resulting anisotropic tensions.

Note also that there is no “genetic” component to the model,
as all cells behave identically. This in particular excludes the
possibility of investigating the interplay of distinct cell types,
for example the consequences of differential adhesion [66, 34]
where cell-cell interactions differ according to cell type. It
also does not allow for the emulation of leader cells, which are
cells that more aggressively invade empty spaces and drag other
cells with them. This effect has been investigated thoroughly
in experiments as well as numerical studies [17, 67, 25, 68,
69] and leader cells are assumed to play an important role in
cell migration. As such, the implementation of different cell
types would increase its versatility even more and allow for the
investigation of additional biologically relevant phenomena.
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SupplementaryMaterials

A Model and parameters
We use the model as presented in [22] with a slightly adapted cell
cycle and parameters. The source code and all necessary input data are
available upon reasonable request.

The constriction can in principle and in conjunction with active cell
motility lead to a large accumulation of cells, which is equivalent to a
compression of individual cells. To ensure a sufficiently fine discreti-
sation of each cell even under such a compression, we increased the
individual cell area roughly by a factor of 4 compared to our previous
confluent tissue simulations in [22]. To that end, we increased the
average polarization field ε0 and at the same time decreased the area
stiffness parameter κA.

Furthermore, we increased the effective temperature to allow for larger
cell size fluctuations. We kept the signalling radius at the same absolute
value, which implies that the ratio between signalling radius and cell
diameter decreased. We slightly increased the cell-cell adhesion energy.
Finally, we decreased cell motility compared to [22] by decreasing cell
polarisability and increasing the membrane stiffness parameter.

A.1 Simulation procedure

Before the actual simulation, cells are randomly seeded in a reservoir
left of the channel entrance. For a certain burn-in time (700 time steps
in our case), cells can evolve freely in this reservoir. In this time, the
cell density grows to maximum density in the reservoir. After that time,
cells are finally allowed to enter the channel and the actual simulation
starts. Also then, cell division is limited to the reservoir.

A.2 Implementation of cell cycle

Compared to [22], we modified the quiescent phase in that we made the
transition to growth stochastic in order to achieve a less deterministic
cell-cylce and to avoid unwanted synchronisation of cell division. The
rest remains unchanged.

A freshly initialised cell, or a daughter cell right after cell division, is
in the quiescent state. In the original model, the cell would now switch
into the growing state if its size, via fluctuations, grew larger than
rAref (for explanation of parameters see Table 1 in the next section).
In the version used for this work in contrast, the cell switches into
an intermediate state, the refractory state, in which it does not grow.
From there, it can switch into the growing state in every simulation step
with a probability of p = 1 − exp

(
−1/Tq

)
with Tq a newly introduced

characteristic waiting time. From there, the cell cycle works exactly as
described in [22].

A.3 Parameters used

As we have used the model from [22], we use the notation convention
for parameters from there. The values are given in Table 1. Correspond-
ing configuration files and files containing geometry information are
available upon request along with the code.
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Cell parameters
Parameter Value Function Comment

ε0 75 strength of cell-substrate adhesion
/average polarisation speed

∆ε 45
cell polarisability: the cell polarisation
ε is in the interval
ε ∈ [ε0 − ∆ε/2, ε0 + ∆ε/2]

parameter influences
the persistence of cells
and overall invasion speed

D 0
strength of cell-substrate dissipation:
energy penalty for abandoning a tile,
i.e. breaking cell-substrate bonds

finite values slow down dynamics

µ 0.10 cytoskeletal update rate sets overall timescale.

R 2 signalling radius

when a cell conquers a tile, the
polarisation field increases for
tiles of this cell within radius R
of the new tile

κA 0.10 area stiffness

κP 0.20 perimeter stiffness
together with κA and ε0 sets the
preferred size of a single cell Aref:
Aref =

(
ε0 − 2π

√
3κP

)
/
(√

3κA

)
B 10 strength of cell-cell adhesion See A.4 for results for B = 5.

∆B 0 strength of cell-cell dissipation
Parameters for cell division

Tg 350 cell growth duration

in this time, the cell grows
exponentially to double its size by
increasing the preferred cell-size by
adjusting κA and κP.

Td 50 cell division duration
in this time, the cell is immotile and
the polarisation relaxes to neutral.
After that, the cell splits

Tq (new) 100 cell quiescence duration after cell division, the cell does
not grow for this time on average

r 0.50 relative threshold
for cell growth

after the quiescent phase, the cell
starts growing if its size is larger
than rAref

Numerical parameters
N0 ≈ 1100 initial number of cells ...

700 burn-in time ...
D = D0/2 : 3000,
D = D0 : 4000,
D = 2D0 : 5000.

simulation time ...

2500 × 1200 dimensions of simulation area geometries available on request

kBT 5 effective temperature reference energy of fluctuations
in the Monte-Carlo algorithm

1 seed seed for random number generator

Table 1: Parameter values used in our study, following the the notation convention from [22].
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A.4 Variation of cell-cell adhesion

In this section we examine the effect of variations in the cell-cell-
adhesion B. The cell-cell-adhesion defines the effective free energy
gained from an edge that a cell shares with another cell compared to
the situation where the edge borders to a free tile. A higher cell-cell-
adhesion parameter thus favours cohesion of cells.

Interestingly, higher cell-cell adhesion also leads to faster dynamics in
the invasion of the channel, as can be seen in Supp. Figs. 1A and 2A.
There we show simulations with cell-cell adhesion parameter B = 5
in comparison to the simulations with B = 10 in the main text. Lower
cell velocities for B = 5 are particularly prominent in regions R1 and
R2 for medium and large bottleneck diameters d0, d−. One explanation
is that for higher benefits through adhesion, trailing cells are faster to
follow leading cells as they are faster to form common edges. In that
way, advancements of a single cell are translated more directly into
advancements of the collective.

While the peak-distribution in the angular distribution fφ(φ) is not
significantly altered (Supp. Figs. 1C, 2C), the radial distribution fr(r)
shows slightly smaller cell-cell distances for larger cell-cell adhesion
(Supp. Figs. 1D, 2D) which additionally promotes cell-flux and thus
faster invasion (Supp. Fig. 2A). The single-cell dynamics in the cell
sheet scale comparably (Supp. Figs. 1B, 2E).
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Supplementary Figure 1: Comparison of structure and dynamics
for different values of cell-cell adhesion energies. (A) Average
velocity in channel-axis direction in the three different regions.
Higher cell-cell adhesion leads to higher values, especially in
region R1. (B) Comparison of scaling of MSDs. The ordinary
MSD (upper panel) scales very similarly for both, showing
ballistic motion in the narrow region and behind as well as
reduced scaling as a sign of backflow before the bottleneck. (C)
Angles at which maxima in the RDF appear. Results are very
similar. (D) Typical distance of maxima from the center in the
RDF. As can also be seen in Supplementary Figure 2, the cell-
cell distance is larger for smaller cell-cell adhesion, especially in
smaller channels. Due to the slower overall invasion, there are
significantly less cells in region R2 for B = 5 than for B = 10.
Hence cell-cell distances are higher there
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B Methods

B.1 Analysis of the radial distribution function (RDF)

As explained in the main text, the RDF is defined as (Eq. (1) in the
main text)

g (r) ∝
〈∑
α,β

δ
(
r − rα + rβ

)〉
t

(2)

with the double sum running over all pairs of cells in the area under
observation, rα, rβ being the positions of the cells [51], and the angular
brackets indicating a time average.

The arrangement of peaks on a circle around the origin (see Fig. 4 in
the main text) suggests to analyse the angular distributions of peaks on
this circle as well as its radius. To this end, we define the radial and the
angular distribution functions as:

fr(r) =

∫ 2π

0
rdφ g (r) and (3)

fφ(φ) =

∫ rmin

0
dr g (r) , (4)

respectively. Here, polar coordinates are defined as r =
(r cos(φ), r sin(φ)). Due to the symmetry g (r) = g (−r), fφ(φ) =
fφ(φ ± π). The upper boundary for the radial integration is rmin, the
position of the first minimum after the first maximum of fr(r); this
choice ensures that only the nearest neighbours contribute to fφ(φ).
From fr(r), we obtain lmax simply as the maximum closest to the center,
and rmin the minimum following it.

For the analysis of fφ(φ), we aim at detecting the number of peaks or,
more specifically, judging how well it fits a regular six-fold symmetry
or whether the peaks at 0,±π are more prominent.

B.1.1 Maxima detection

For the peaks, we on purpose chose a simple definition. A peak is
defined as a maximum φmax if fφ(φmax) > 0.5 fφ(φmax,0) with φmax,0 the
absolute maximum of f (φ). Also, no maxima are allowed closer than
0.1π to another maximum to avoid small bumps on the flanks of peaks
in fφ(φ) to be counted. Still, sometimes additional peaks are detected,
as in Fig. 3 Bb in the main text.

Also, as we are looking at an observable with a hard criterion (maxi-
mum/ no maximum), gradual changes in the distribution lead to jumps
in the results. This is why in the region where the distribution is transi-
tioning form six-fold to two-fold, it should not be overestimated when
maxima are detected at φ = 0,±π. To show that the method is neverthe-
less suitable to detect qualitative changes in the system, we will have a
detailed view on the angular distributions in the next section.

B.1.2 Detailed view on angular distributions

In Supplementary Figure 3, we can look at the distributions for pa-
rameters D = D0, d ∈ {d−, d0, d+}, the examples that are also shown in
the centre column of Fig. 4. We also show fits of a distribution with
two and six peaks, respectively. For that, we use superpositions of the
so-called wrapped Cauchy-distribution [70]:

pWC(φ|µ, γ) =

∞∑
n=−∞

γ

π(γ2 + (φ − µ + 2πn)2)
(5)

where γ is the scale factor and µ is the peak position of the “unwrapped”
distribution. γ is the only fitting parameter, positions of the peaks are
set to ±π/6,±π/2,±5π/6 and 0,±π, respectively.

Supplementary Figure 3 shows that the algorithm finds maxima at
±π/6,±π/2,±5π/6 as well as at 0,±π only for the D0, d− configuration

in region R1. In the other cases, the algorithm agrees with what is
obvious to naked eye.

In addition, the similarity of the distributions can be estimated using
the L-2 norm

L2( fφ(φ), px) =

√∫ π

−π

d(φ) | fφ(φ) − px(φ)|2, (6)

where in our case we compare the measured distribution p(φ) ≡ fφ(φ)
to a fitted distribution of six regularly distributed peaks p6(φ), a fitted
distribution of two peaks p2(φ), and a flat distribution p f lat(φ). Results
are shown and discussed in the lower panel of Supp. Figure 3. From
what we observe there, we can conclude that the approximation with a
distribution with two or six peaks captures the structure of the distribu-
tions sufficiently well and that in particular, one fits the data better than
the other in all cases considered.

B.2 Mean-squared displacement (MSD) and cage-relative
mean-squared displacement (CR-MSD)

The ordinary mean squared-displacement (MSD) is defined as follows:

MS D(t) =

〈
1
N

N∑
i=1

[ri(t + τ) − ri(τ)]2
〉
τ

, (7)

with N the number of cells under considerations and ri(t) the position
of cell i. In analogy the cage-relative MSD (CR-MSD) is defined
as [57, 58]

MS DCR(t) =

〈
1
N

N∑
i=1

(ri(t + τ) − ri(τ)) −
1
Ni

Ni∑
j=1

(
r j(t + τ) − r j(τ)

)
2〉

τ

.

(8)

Here, the second sum runs over all neighbours of cell i at time point τ, Ni
is then umber of neighbours at of cell i at time τ. Hence, the CR-MSD
compares displacement of cells to the displacement of their original
neighbours. The neighbours are determined by Voronoi tesselation.

We calculate the MSD for the last 500 time steps of the simulation and
determine the scaling exponent x of the MSDs by computing

x(t) =
∂MS D(t)
∂ ln(t)

(9)

and averaging over x(t) for the last half of these 500 time steps. This
approach assumes a structure of the MSD as MS D(t) ∝ tx.

The CR-MSD stresses the local, or relative, dynamics. In a solid, the
CR-MSD was to saturate reflecting “caging” of the particles, while the
ordinary MSD also picks up global movement of the system as we have
due to the invasion dynamics. A CR-MSD scaling linearly means that
particles move diffusively relative to each other.
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Supplementary Figure 3: Comparison of measured marginalised radial distributions fφ(φ) to theoretical distributions. Upper three
rows show data for parameter sets (D0, d−), (D0, d0), (D0, d+) for the three regions separately. Data is in colours, approximations as
different lines according to legend. While in region R2, for all parameter combinations, we see six regularly distributed peaks. In
region R0 for all three case as well as in region R1 for parameters d0 and d+ peaks are less prominent, but still sixfold and regular.
Only for region R1 and the narrowest bottleneck diameter d−, there are only two peaks at 0,±π. This is also reflected in the lowest
row, where the L2-distances between p(φ) = fφ(φ) and pz, p6, p f lat are shown. It becomes clear from the right plot that p6 is the
better fit except for (D0, d−) in region R1. . Actually, the best fit for the distribution less less close to the data, turns out to be
identical to the flat distribution.
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C Supplementary figures

C.1 MSDs and CR-MSDs under variation of D and d

Supp. Fig. 4 shows complete MSDs and CR-MSDs. The corresponding
scaling exponents are plotted in Figure 5 in the maintext.
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Supplementary Figure 4: Log-log plot of MSD and CR-MSD for varying D, d. The solid lines show the ordinary MSD, the dashed
lines the CR-MSD. The ordinary MSD scales with exponent 2 in all regions, while the CR-MSD after an initial period of ballistic
scaling grows to slower from t ≈ 10 on. The CR-MSD in region R0, shown in the blue dashed lines, is an exception to this, for all
parameter configurations it grows faster than the other CR-MSDs, which is caused by the backflow in this region.
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C.2 Additional figures for the configuration with a straight
channel

Supp. Fig. 5 shows snapshots of density and velocity fields for an
arbitrary time point. It is the corresponding figure to Fig. 2 for a
bottleneck channel in the main text. In Supp. Fig. 6, we compare the
structure of the cell sheet for varying diameters D. It corresponds to
Fig. 4 for bottleneck channels in the main text.

Results for MSDs and CR-MSDs in straight channels are shown in
Supp. Fig. 7 (analogous to Supp. Fig. 4) and Supp. Fig. 8 which is the
same as Figure 5 in the maintext, but for straight channels of different
diameters.

A summary of structural and dynamical differences is given in Supp.
Fig. 9.
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Supplementary Figure 5: Example for simulation in a channel
without bottleneck. Widht D = D0 according to the convention
in the main text. Plot analogous to Fig. 2 in the main text. (A)
Geometry, (B) heatmap for particle number, (C) mean number
of particles per bin. Apart from a slightly less dense region at the
invasion front, the density is constant. (D) heatmap for velocity
in channel direction, (E) mean velocity in channel direction, the
value is constant throughout the cell-sheet.
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Supplementary Figure 6: Comparison of cellular order in straight channels of varying width. (A) Radial distribution functions
(RDF) for different diameter D for the different regions along the channel. From top to bottom: increase in D. In all regions,
cells arrange in a regular hexagonal configuration. Low contrast in region R2 for D = 2D0 is due to the reduced invasion speed in
the broader channel. (B) Results of quantitative evaluation of the results in part (A). The region is marked by the position of the
markers along the horizontal axis of the respective plots. Varying colors indicate variations in D as the small symbols above the
plots in part A symbolise. Upper panel: Positions of maxima in the angular distribution obtained from radial integration of the
RDF. Lower panel: position of maximum in the radial distribution obtained from the angular integral of the RDF. Distance of cells
is a bit higher closer to the front, but very similar in regions R0 and R1.
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R1. In region R2, close to the front, the CR-MSD scales significantly lower, especially for D = D0. Compared to Supp. Fig. 4,
there are no signs of backflow in region R0, as CR-MSD scales linearly.
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C.3 Additional figures for the configuration with longer
funnel/ smoother transition

For more detailed comparisons of results for different funnel shapes,
we present additional plots. Supp. Figs. 10-14 are in essence the same
figures as in the main text and Supp. Fig. 4, but for the geometry with
the slender funnel.
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Supplementary Figure 10: Example for simulation in a channel
with longer funnel. Diameters D = D0, d = d0 according to the
convention in the main text. Plot analogous to Fig. 2 in the main
text. (A) Geometry, (B) heatmap for particle number, (C) mean
number of particles per bin, (D) heatmap for velocity in channel
direction, (E) mean velocity in channel direction. In comparison
to Fig. 2, density and velocity are even more increased in the
narrow part. The transition in density as well as velocity is
distributed over the full lenght of the funnel, but backflow is still
visible.
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Supplementary Figure 11: Comparison of order and dynamics for a constricted channel, parameters D = D0, d = d0. Left side
(panels Xa): bottleneck with steep transition, right side (panels Xb): bottleneck with smoother transition. (A) Kymograph of the
velocity in channel direction vx(t, x). Dashed lines indicate transition regions from wider to narrower part. In comparison, the
slender funnel leads to later and less backflow and in conjunction an overall faster invasion as the steeper frontline, especially in
region R2, shows. (B-D) Radial distribution functions (RDF) for the different regions of the channel. Panels C show the marginal
distribution from integrating over the radius, and panels D integration over the polar angle. Vertical black lines in C mark maxima
in the angular distribution as detected by the algorithm (for details see section B). The vertical black lines in D mark the respective
maximum of the radial distribution which gives the typical nearest-neighbour distance. Especially in the narrow region R1, the
slender transition creates a more dense cell sheet and different internal order as the angular distribution shows. (E) Mean-squared
displacement (solid line) of cells as well as cage-relative mean-squared displacement (dashed line). Black dashed-dotted lines
show linear and quadratic scaling, respectively.
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Supplementary Figure 12: Comparison of cellular order in bottleneck channels of varying width with smoother transitions. (A)
Radial distribution functions (RDF) for different diameter D and d for the different regions along the channel. From left to right:
increase in D, from top to bottom: increase in d. (B) Results of quantitative evaluation of the results in part (A). The region is
marked by the position of the markers along the horizontal axis of the respective plots. Upper panel: Positions of maxima in the
angular distribution obtained from radial integration of the RDF. Lower panel: Position of maximum in the radial distribution
obtained from the angular integral of the RDF. In comparison to the analogous data in Figure 4 in the main text, for the steeper
transition, the order in region R1 is different for parameter sets D = D0, d = d0 and D = 2D0, d = d0. Especially there is no
parameter set where the two distinct peak-patterns overlap. Also, variations in cell-cell distance/ cell density are stronger.
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Supplementary Figure 13: Log-log plot of MSD and CR-MSD for varying D, d in the channel with the smoother transition. The
solid lines show the ordinary MSD, the dashed lines the CR-MSD. The ordinary MSD scales with exponent 2 in all regions, while
the CR-MSD after an initial period of ballistic scaling grows to slower from t ≈ 10 on. The exception is again the CR-MSD in R0
that in channel regions of smaller D or d grows comparable to the ordinary MSD.

.CC-BY-NC 4.0 International licenseavailable under a
(which was not certified by peer review) is the author/funder, who has granted bioRxiv a license to display the preprint in perpetuity. It is made 

The copyright holder for this preprintthis version posted March 25, 2021. ; https://doi.org/10.1101/2021.03.25.436985doi: bioRxiv preprint 

https://doi.org/10.1101/2021.03.25.436985
http://creativecommons.org/licenses/by-nc/4.0/


Preprint – Tissue flow through pores: a computational study 26

−0.5

0.0

0.5

1.0

1.5

2.0

2.5

ex
po

ne
nt

of
M
SD

R0 R1 R2

−0.5

0.0

0.5

1.0

1.5

2.0

2.5

ex
po

ne
nt

of
CR

-M
SD

A

B

(½D0, d−)
(½D0, d0)
(½D0, d+)

(D0, d−)
(D0, d0)
(D0, d+)

(2D0, d−)
(2D0, d0)
(2D0, d+)

Supplementary Figure 14: Comparison of MSDs in constricted
channels of varying width with slender transition. (A) Expo-
nent from monomial fit to the late MSD for same parameter
configurations as in Supp. Fig. 13 and separate for regions R0,
R1, and R2. (B) Corresponding exponents from monomial fits
to the late CR-MSD. Except green cross and the green dot for
parameters, the CR-MSD is consistently lower than the ordinary
MSD. Missing data in region R2 is because invasion had not
progressed significantly far into the region for a sufficiently long
time.

.CC-BY-NC 4.0 International licenseavailable under a
(which was not certified by peer review) is the author/funder, who has granted bioRxiv a license to display the preprint in perpetuity. It is made 

The copyright holder for this preprintthis version posted March 25, 2021. ; https://doi.org/10.1101/2021.03.25.436985doi: bioRxiv preprint 

https://doi.org/10.1101/2021.03.25.436985
http://creativecommons.org/licenses/by-nc/4.0/


Preprint – Tissue flow through pores: a computational study 27

References
[1] Peter Friedl and Darren Gilmour. Collective cell migration in mor-

phogenesis, regeneration and cancer. Nature Reviews Molecular
Cell Biology, 10(7):445–457, Jul 2009. ISSN 1471-0080. doi: 10.
1038/nrm2720. URL https://doi.org/10.1038/nrm2720.

[2] Peter Friedl and Stephanie Alexander. Cancer invasion and the
microenvironment: Plasticity and reciprocity. Cell, 147(5):992–
1009, Nov 2011. ISSN 0092-8674. doi: 10.1016/j.cell.2011.
11.016. URL https://doi.org/10.1016/j.cell.2011.11.
016.

[3] A. G. Clark and D. M. Vignjevic. Modes of cancer cell invasion
and the role of the microenvironment. Curr. Opin. Cell Biol., 36:
13–22, 2015.

[4] Benoit Ladoux and René-Marc Mège. Mechanobiology of col-
lective cell behaviours. Nature Reviews Molecular Cell Biology,
18(12):743–757, Dec 2017. ISSN 1471-0080. doi: 10.1038/nrm.
2017.98. URL https://doi.org/10.1038/nrm.2017.98.

[5] B. Buchmann, L.K. Meixner, P. Fernandez, F.P. Hutterer, M.K.
Raich, C.H. Scheel, and A.R. Bausch. Mechanical plasticity
of the ecm directs invasive branching morphogenesis in hu-
man mammary gland organoids. bioRxiv, 2019. doi: 10.1101/
860015. URL https://www.biorxiv.org/content/early/
2019/11/29/860015.

[6] Vincent Hakim and Pascal Silberzan. Collective cell migration:
a physics perspective. Reports on Progress in Physics, 80(7):
076601, 2017. URL http://stacks.iop.org/0034-4885/
80/i=7/a=076601.

[7] Andrew W. Holle, Neethu Govindan Kutty Devi, Kim Clar,
Anthony Fan, Taher Saif, Ralf Kemkemer, and Joachim P.
Spatz. Cancer cells invade confined microchannels via a self-
directed mesenchymal-to-amoeboid transition. Nano Letters,
19(4):2280–2290, 2019. doi: 10.1021/acs.nanolett.8b04720.
URL https://doi.org/10.1021/acs.nanolett.8b04720.
PMID: 30775927.

[8] Petra Kameritsch and Jörg Renkawitz. Principles of leukocyte mi-
gration strategies. Trends in Cell Biology, 30(10):818 – 832, 2020.
ISSN 0962-8924. doi: https://doi.org/10.1016/j.tcb.2020.06.007.
URL http://www.sciencedirect.com/science/article/
pii/S0962892420301252.

[9] Sri Ram Krishna Vedula, Man Chun Leong, Tan Lei Lai, Pascal
Hersen, Alexandre J. Kabla, Chwee Teck Lim, and Benoît Ladoux.
Emerging modes of collective cell migration induced by geomet-
rical constraints. Proc. Natl. Acad. Sci. U. S. A., 109(32):12974–
12979, 2012. ISSN 0027-8424. doi: 10.1073/pnas.1119313109.
URL http://www.pnas.org/content/109/32/12974.

[10] Anna Kristina Marel, Matthias Zorn, Christoph Klingner, Roland
Wedlich-Söldner, Erwin Frey, and Joachim O. Rädler. Flow and
diffusion in channel-guided cell migration. Biophys. J., 107(5):
1054–1064, 2014. ISSN 15420086. doi: 10.1016/j.bpj.2014.07.
017.

[11] Anna-Kristina Marel, Nils Podewitz, Matthias Zorn, Joachim Os-
kar Rädler, and Jens Elgeti. Alignment of cell division axes in
directed epithelial cell migration. New J. Phys., 16(11):115005,
2014. URL http://stacks.iop.org/1367-2630/16/i=11/
a=115005.

[12] Ki-Hwan Nam, Peter Kim, David K. Wood, Sunghoon Kwon,
Paolo P. Provenzano, and Deok-Ho Kim. Multiscale cues drive
collective cell migration. Scientific Reports, 6(1):29749, Jul 2016.
ISSN 2045-2322. doi: 10.1038/srep29749. URL https://doi.
org/10.1038/srep29749.

[13] Sham Tlili, Estelle Gauquelin, Brigitte Li, Olivier Car-
doso, Benoît Ladoux, Hélène Delanoë-Ayari, and François

Graner. Collective cell migration without proliferation: den-
sity determines cell velocity and wave velocity. Royal So-
ciety Open Science, 5(5):172421, 2018. doi: 10.1098/rsos.
172421. URL https://royalsocietypublishing.org/
doi/abs/10.1098/rsos.172421.

[14] Estelle Gauquelin, Sham Tlili, Cyprien Gay, Grégoire Peyret,
René-Marc Mège, Marc A. Fardin, and Benoît Ladoux. Influ-
ence of proliferation on the motions of epithelial monolayers
invading adherent strips. Soft Matter, 15:2798–2810, 2019. doi:
10.1039/C9SM00105K. URL http://dx.doi.org/10.1039/
C9SM00105K.

[15] Wang Xi, Surabhi Sonam, Thuan Beng Saw, Benoit Ladoux, and
Chwee Teck Lim. Emergent patterns of collective cell migration
under tubular confinement. Nature Communications, 8(1):1517,
2017. ISSN 2041-1723. doi: 10.1038/s41467-017-01390-x. URL
https://doi.org/10.1038/s41467-017-01390-x.

[16] Mazlee B. Mazalan, Mohamad A.B. Ramlan, Jennifer H. Shin,
and Toshiro Ohashi. Effect of geometric curvature on collective
cell migration in tortuous microchannel devices. Micromachines,
11(7):659, 2020. doi: 10.3390/mi11070659. URL https://doi.
org/10.3390/mi11070659.

[17] Yongliang Yang, Nima Jamilpour, Baoyin Yao, Zachary S. Dean,
Reza Riahi, and Pak Kin Wong. Probing leader cells in endothe-
lial collective migration by plasma lithography geometric confine-
ment. Scientific Reports, 6(1):22707, Mar 2016. ISSN 2045-2322.
doi: 10.1038/srep22707. URL https://doi.org/10.1038/
srep22707.

[18] Ricard Alert and Xavier Trepat. Physical models of
collective cell migration. Annual Review of Condensed
Matter Physics, 11(1):77–101, 2020. doi: 10.1146/
annurev-conmatphys-031218-013516. URL https://doi.
org/10.1146/annurev-conmatphys-031218-013516.

[19] M. Reza Shaebani, Adam Wysocki, Roland G. Winkler, Gerhard
Gompper, and Heiko Rieger. Computational models for active
matter. Nature Reviews Physics, 2(4):181–199, Apr 2020. ISSN
2522-5820. doi: 10.1038/s42254-020-0152-1. URL https:
//doi.org/10.1038/s42254-020-0152-1.

[20] Philipp J. Albert and Ulrich S. Schwarz. Dynamics of cell ensem-
bles on adhesive micropatterns: Bridging the gap between single
cell spreading and collective cell migration. PLOS Computational
Biology, 12(4):1–34, 04 2016. doi: 10.1371/journal.pcbi.1004863.
URL https://doi.org/10.1371/journal.pcbi.1004863.

[21] M. Chiang and D. Marenduzzo. Glass transitions in the cellular
potts model. EPL (Europhysics Letters), 116(2):28009, oct 2016.
doi: 10.1209/0295-5075/116/28009. URL https://doi.org/
10.1209%2F0295-5075%2F116%2F28009.

[22] Florian Thüroff, Andriy Goychuk, Matthias Reiter, and Erwin
Frey. Bridging the gap between single-cell migration and col-
lective dynamics. eLife, 8:e46842, dec 2019. ISSN 2050-084X.
doi: 10.7554/eLife.46842. URL https://doi.org/10.7554/
eLife.46842.

[23] H. Chaté, F. Ginelli, G. Grégoire, F. Peruani, and F. Raynaud.
Modeling collective motion: variations on the vicsek model. The
European Physical Journal B, 64(3):451–456, Aug 2008. ISSN
1434-6036. doi: 10.1140/epjb/e2008-00275-9. URL https:
//doi.org/10.1140/epjb/e2008-00275-9.

[24] Victoria Tarle, Andrea Ravasio, Vincent Hakim, and Nir S. Gov.
Modeling the finger instability in an expanding cell monolayer.
Integr. Biol., 7:1218–1227, 2015. doi: 10.1039/C5IB00092K.
URL http://dx.doi.org/10.1039/C5IB00092K.

[25] Victoria Tarle, Estelle Gauquelin, S R K Vedula, Joseph
D’Alessandro, C T Lim, Benoit Ladoux, and Nir S Gov. Mod-
eling collective cell migration in geometric confinement. Phys.

.CC-BY-NC 4.0 International licenseavailable under a
(which was not certified by peer review) is the author/funder, who has granted bioRxiv a license to display the preprint in perpetuity. It is made 

The copyright holder for this preprintthis version posted March 25, 2021. ; https://doi.org/10.1101/2021.03.25.436985doi: bioRxiv preprint 

https://doi.org/10.1038/nrm2720
https://doi.org/10.1016/j.cell.2011.11.016
https://doi.org/10.1016/j.cell.2011.11.016
https://doi.org/10.1038/nrm.2017.98
https://www.biorxiv.org/content/early/2019/11/29/860015
https://www.biorxiv.org/content/early/2019/11/29/860015
http://stacks.iop.org/0034-4885/80/i=7/a=076601
http://stacks.iop.org/0034-4885/80/i=7/a=076601
https://doi.org/10.1021/acs.nanolett.8b04720
http://www.sciencedirect.com/science/article/pii/S0962892420301252
http://www.sciencedirect.com/science/article/pii/S0962892420301252
http://www.pnas.org/content/109/32/12974
http://stacks.iop.org/1367-2630/16/i=11/a=115005
http://stacks.iop.org/1367-2630/16/i=11/a=115005
https://doi.org/10.1038/srep29749
https://doi.org/10.1038/srep29749
https://royalsocietypublishing.org/doi/abs/10.1098/rsos.172421
https://royalsocietypublishing.org/doi/abs/10.1098/rsos.172421
http://dx.doi.org/10.1039/C9SM00105K
http://dx.doi.org/10.1039/C9SM00105K
https://doi.org/10.1038/s41467-017-01390-x
https://doi.org/10.3390/mi11070659
https://doi.org/10.3390/mi11070659
https://doi.org/10.1038/srep22707
https://doi.org/10.1038/srep22707
https://doi.org/10.1146/annurev-conmatphys-031218-013516
https://doi.org/10.1146/annurev-conmatphys-031218-013516
https://doi.org/10.1038/s42254-020-0152-1
https://doi.org/10.1038/s42254-020-0152-1
https://doi.org/10.1371/journal.pcbi.1004863
https://doi.org/10.1209%2F0295-5075%2F116%2F28009
https://doi.org/10.1209%2F0295-5075%2F116%2F28009
https://doi.org/10.7554/eLife.46842
https://doi.org/10.7554/eLife.46842
https://doi.org/10.1140/epjb/e2008-00275-9
https://doi.org/10.1140/epjb/e2008-00275-9
http://dx.doi.org/10.1039/C5IB00092K
https://doi.org/10.1101/2021.03.25.436985
http://creativecommons.org/licenses/by-nc/4.0/


Preprint – Tissue flow through pores: a computational study 28

Biol., 14(3):035001, 2017. URL http://stacks.iop.org/
1478-3975/14/i=3/a=035001.

[26] Igor S. Aranson. Physical Models of Cell Motility. Springer,
Cham, 2016. ISBN 978-3-319-24446-4. doi: 10.1007/
978-3-319-24448-8. URL https://link.springer.com/
book/10.1007%2F978-3-319-24448-8.

[27] Sara Najem and Martin Grant. Phase-field model for collective
cell migration. Phys. Rev. E, 93:052405, May 2016. doi: 10.1103/
PhysRevE.93.052405. URL https://link.aps.org/doi/10.
1103/PhysRevE.93.052405.

[28] Falko Ziebert and Igor S. Aranson. Computational approaches to
substrate-based cell motility. npj Computational Materials, 2(1):
16019, Jul 2016. ISSN 2057-3960. doi: 10.1038/npjcompumats.
2016.19. URL https://doi.org/10.1038/npjcompumats.
2016.19.

[29] Romain Mueller, Julia M. Yeomans, and Amin Doostmohammadi.
Emergence of active nematic behavior in monolayers of isotropic
cells. Phys. Rev. Lett., 122:048004, Feb 2019. doi: 10.1103/
PhysRevLett.122.048004. URL https://link.aps.org/doi/
10.1103/PhysRevLett.122.048004.

[30] Grégoire Peyret, Romain Mueller, Joseph d’Alessandro, Simon
Begnaud, Philippe Marcq, René-Marc Mège, Julia M. Yeomans,
Amin Doostmohammadi, and Benoît Ladoux. Sustained oscilla-
tions of epithelial cell sheets. Biophysical Journal, 117(3):464–
478, Aug 2019. ISSN 0006-3495. doi: 10.1016/j.bpj.2019.06.013.
URL https://doi.org/10.1016/j.bpj.2019.06.013.

[31] Alexander G. Fletcher, Miriam Osterfield, Ruth E. Baker, and
Stanislav Y. Shvartsman. Vertex models of epithelial morpho-
genesis. Biophysical Journal, 106(11):2291–2304, Jun 2014.
ISSN 0006-3495. doi: 10.1016/j.bpj.2013.11.4498. URL https:
//doi.org/10.1016/j.bpj.2013.11.4498.

[32] Silvanus Alt, Poulami Ganguly, and Guillaume Salbreux. Vertex
models: from cell mechanics to tissue morphogenesis. Philo-
sophical Transactions of the Royal Society B: Biological Sci-
ences, 372(1720):20150520, 2017. doi: 10.1098/rstb.2015.
0520. URL https://royalsocietypublishing.org/doi/
abs/10.1098/rstb.2015.0520.

[33] Shuji Ishihara, Philippe Marcq, and Kaoru Sugimura. From cells
to tissue: A continuum model of epithelial mechanics. Phys. Rev.
E, 96:022418, Aug 2017. doi: 10.1103/PhysRevE.96.022418.
URL https://link.aps.org/doi/10.1103/PhysRevE.96.
022418.

[34] Daniel L. Barton, Silke Henkes, Cornelis J. Weijer, and Rastko
Sknepnek. Active vertex model for cell-resolution description
of epithelial tissue mechanics. PLOS Computational Biology,
13(6):1–34, 06 2017. doi: 10.1371/journal.pcbi.1005569. URL
https://doi.org/10.1371/journal.pcbi.1005569.

[35] Sarita Koride, Andrew J. Loza, and Sean X. Sun. Epithelial vertex
models with active biochemical regulation of contractility can
explain organized collective cell motility. APL Bioengineering, 2
(3):031906, 2018. doi: 10.1063/1.5023410. URL https://doi.
org/10.1063/1.5023410.

[36] Thuan Beng Saw, Amin Doostmohammadi, Vincent Nier, Leyla
Kocgozlu, Sumesh Thampi, Yusuke Toyama, Philippe Marcq,
Chwee Teck Lim, Julia M. Yeomans, and Benoit Ladoux. Topo-
logical defects in epithelia govern cell death and extrusion. Nature,
544:212–216, Apr 2017. URL http://dx.doi.org/10.1038/
nature21718.

[37] Thuan Beng Saw, Wang Xi, Benoit Ladoux, and Chwee Teck
Lim. Biological tissues as active nematic liquid crystals. Ad-
vanced Materials, 30(47):1802579, 2018. doi: https://doi.org/
10.1002/adma.201802579. URL https://onlinelibrary.
wiley.com/doi/abs/10.1002/adma.201802579.

[38] Amin Doostmohammadi, Jordi Ignés-Mullol, Julia M. Yeomans,
and Francesc Sagués. Active nematics. Nat. Commun., 9(1):3246,
2018. ISSN 2041-1723. doi: 10.1038/s41467-018-05666-8. URL
https://doi.org/10.1038/s41467-018-05666-8.

[39] Shiladitya Banerjee and M. Cristina Marchetti. Continuum Mod-
els of Collective Cell Migration, pages 45–66. Springer Interna-
tional Publishing, Cham, 2019. ISBN 978-3-030-17593-1. doi:
10.1007/978-3-030-17593-1_4. URL https://doi.org/10.
1007/978-3-030-17593-1_4.

[40] Tyler N. Shendruk, Amin Doostmohammadi, Kristian Thi-
jssen, and Julia M. Yeomans. Dancing disclinations in con-
fined active nematics. Soft Matter, 13:3853–3862, 2017. doi:
10.1039/C6SM02310J. URL http://dx.doi.org/10.1039/
C6SM02310J.

[41] G. Duclos, C. Blanch-Mercader, V. Yashunsky, G. Salbreux, J.-
F. Joanny, J. Prost, and P. Silberzan. Spontaneous shear flow
in confined cellular nematics. Nat. Phys., 14(7):728–732, 2018.
ISSN 1745-2481. doi: 10.1038/s41567-018-0099-7. URL https:
//doi.org/10.1038/s41567-018-0099-7.

[42] Felix Kempf, Romain Mueller, Erwin Frey, Julia M. Yeomans,
and Amin Doostmohammadi. Active matter invasion. Soft Matter,
15:7538–7546, 2019. doi: 10.1039/C9SM01210A. URL http:
//dx.doi.org/10.1039/C9SM01210A.

[43] Fang Zhou, Sophia A. Schaffer, Christoph Schreiber, Felix J.
Segerer, Andriy Goychuk, Erwin Frey, and Joachim O. Rädler.
Quasi-periodic migration of single cells on short microlanes.
PLOS ONE, 15(4):1–19, 04 2020. doi: 10.1371/journal.pone.
0230679. URL https://doi.org/10.1371/journal.pone.
0230679.

[44] Andriy Goychuk, David B. Brückner, Andrew W. Holle,
Joachim P. Spatz, Chase P. Broedersz, and Erwin Frey. arxiv,
2018, preprint, arXiv:1808.00314. URL https://arxiv.org/
abs/1808.00314v2.

[45] Felix J. Segerer, Florian Thüroff, Alicia Piera Alberola, Erwin
Frey, and Joachim O. Rädler. Emergence and persistence of
collective cell migration on small circular micropatterns. Phys.
Rev. Lett., 114:228102, Jun 2015. doi: 10.1103/PhysRevLett.
114.228102. URL https://link.aps.org/doi/10.1103/
PhysRevLett.114.228102.

[46] András Szabó, Manuela Melchionda, Giancarlo Nastasi, Mae L.
Woods, Salvatore Campo, Roberto Perris, and Roberto Mayor. In
vivo confinement promotes collective migration of neural crest
cells. Journal of Cell Biology, 213(5):543–555, 05 2016. ISSN
0021-9525. doi: 10.1083/jcb.201602083. URL https://doi.
org/10.1083/jcb.201602083.

[47] Hamid Khataee, Andras Czirok, and Zoltan Neufeld. Multi-
scale modelling of motility wave propagation in cell migration.
Scientific Reports, 10(1):8128, May 2020. ISSN 2045-2322.
doi: 10.1038/s41598-020-63506-6. URL https://doi.org/
10.1038/s41598-020-63506-6.

[48] Campbell D. Lawson and Anne J. Ridley. Rho gtpase signaling
complexes in cell migration and invasion. The Journal of cell
biology, 217(2):447–457, Feb 2018. ISSN 1540-8140. doi: 10.
1083/jcb.201612069. URL https://doi.org/10.1083/jcb.
201612069.

[49] Shiladitya Banerjee, Margaret L. Gardel, and Ulrich S. Schwarz.
The actin cytoskeleton as an active adaptive material. Annual
Review of Condensed Matter Physics, 11(1):421–439, 2020. doi:
10.1146/annurev-conmatphys-031218-013231. URL https://
doi.org/10.1146/annurev-conmatphys-031218-013231.

[50] L.D. Landau and E.M. Lifshitz. Fluid Mechanics: Landau and
Lifshitz: Course of Theoretical Physics, Volume 6. Number v. 6.
Elsevier Science, 2013. ISBN 9781483161044.

.CC-BY-NC 4.0 International licenseavailable under a
(which was not certified by peer review) is the author/funder, who has granted bioRxiv a license to display the preprint in perpetuity. It is made 

The copyright holder for this preprintthis version posted March 25, 2021. ; https://doi.org/10.1101/2021.03.25.436985doi: bioRxiv preprint 

http://stacks.iop.org/1478-3975/14/i=3/a=035001
http://stacks.iop.org/1478-3975/14/i=3/a=035001
https://link.springer.com/book/10.1007%2F978-3-319-24448-8
https://link.springer.com/book/10.1007%2F978-3-319-24448-8
https://link.aps.org/doi/10.1103/PhysRevE.93.052405
https://link.aps.org/doi/10.1103/PhysRevE.93.052405
https://doi.org/10.1038/npjcompumats.2016.19
https://doi.org/10.1038/npjcompumats.2016.19
https://link.aps.org/doi/10.1103/PhysRevLett.122.048004
https://link.aps.org/doi/10.1103/PhysRevLett.122.048004
https://doi.org/10.1016/j.bpj.2019.06.013
https://doi.org/10.1016/j.bpj.2013.11.4498
https://doi.org/10.1016/j.bpj.2013.11.4498
https://royalsocietypublishing.org/doi/abs/10.1098/rstb.2015.0520
https://royalsocietypublishing.org/doi/abs/10.1098/rstb.2015.0520
https://link.aps.org/doi/10.1103/PhysRevE.96.022418
https://link.aps.org/doi/10.1103/PhysRevE.96.022418
https://doi.org/10.1371/journal.pcbi.1005569
https://doi.org/10.1063/1.5023410
https://doi.org/10.1063/1.5023410
http://dx.doi.org/10.1038/nature21718
http://dx.doi.org/10.1038/nature21718
https://onlinelibrary.wiley.com/doi/abs/10.1002/adma.201802579
https://onlinelibrary.wiley.com/doi/abs/10.1002/adma.201802579
https://doi.org/10.1038/s41467-018-05666-8
https://doi.org/10.1007/978-3-030-17593-1_4
https://doi.org/10.1007/978-3-030-17593-1_4
http://dx.doi.org/10.1039/C6SM02310J
http://dx.doi.org/10.1039/C6SM02310J
https://doi.org/10.1038/s41567-018-0099-7
https://doi.org/10.1038/s41567-018-0099-7
http://dx.doi.org/10.1039/C9SM01210A
http://dx.doi.org/10.1039/C9SM01210A
https://doi.org/10.1371/journal.pone.0230679
https://doi.org/10.1371/journal.pone.0230679
https://arxiv.org/abs/1808.00314v2
https://arxiv.org/abs/1808.00314v2
https://link.aps.org/doi/10.1103/PhysRevLett.114.228102
https://link.aps.org/doi/10.1103/PhysRevLett.114.228102
https://doi.org/10.1083/jcb.201602083
https://doi.org/10.1083/jcb.201602083
https://doi.org/10.1038/s41598-020-63506-6
https://doi.org/10.1038/s41598-020-63506-6
https://doi.org/10.1083/jcb.201612069
https://doi.org/10.1083/jcb.201612069
https://doi.org/10.1146/annurev-conmatphys-031218-013231
https://doi.org/10.1146/annurev-conmatphys-031218-013231
https://doi.org/10.1101/2021.03.25.436985
http://creativecommons.org/licenses/by-nc/4.0/


Preprint – Tissue flow through pores: a computational study 29

[51] P. M. Chaikin and T.C. Lubensky. Principles of condensed matter
physics. Cambridge University Press, 6th edition, 2012.

[52] Clemens Bechinger and Erwin Frey. Colloids on Patterned Sub-
strates, chapter 3, pages 87–158. John Wiley & Sons, Ltd,
2007. ISBN 9783527682300. doi: https://doi.org/10.1002/
9783527682300.ch3. URL https://onlinelibrary.wiley.
com/doi/abs/10.1002/9783527682300.ch3.

[53] Theodor Schwann, Henry Smith, and M. J. Schleiden. Microscop-
ical researches into the accordance in the structure and growth
of animals and plants. London,Sydenham Society„ 1847. URL
https://www.biodiversitylibrary.org/item/56510.
https://www.biodiversitylibrary.org/bibliography/17276 —
"Contributions to phytogenesis, translated from the German of
Dr. M. J. Schleiden": p. [229]-268.

[54] D. B. Staple, R. Farhadifar, J.-C. Röper, B. Aigouy, S. Eaton,
and F. Jülicher. Mechanics and remodelling of cell packings in
epithelia. The European Physical Journal E, 33(2):117–127, Oct
2010. ISSN 1292-895X. doi: 10.1140/epje/i2010-10677-0. URL
https://doi.org/10.1140/epje/i2010-10677-0.

[55] Ruben van Drongelen, Tania Vazquez-Faci, Teun A.P.M. Hui-
jben, Maurijn van der Zee, and Timon Idema. Mechanics of
epithelial tissue formation. Journal of Theoretical Biology, 454:
182 – 189, 2018. ISSN 0022-5193. doi: https://doi.org/10.1016/
j.jtbi.2018.06.002. URL http://www.sciencedirect.com/
science/article/pii/S0022519318302935.

[56] Matthew C. Gibson, Ankit B. Patel, Radhika Nagpal, and Norbert
Perrimon. The emergence of geometric order in proliferating
metazoan epithelia. Nature, 442(7106):1038–1041, Aug 2006.
ISSN 1476-4687. doi: 10.1038/nature05014. URL https://
doi.org/10.1038/nature05014.

[57] X. H. Zheng and J. C. Earnshaw. On the lindemann criterion
in 2d. Europhysics Letters (EPL), 41(6):635–640, March 1998.
ISSN 0295-5075. doi: 10.1209/epl/i1998-00205-7. URL https:
//doi.org/10.1209/epl/i1998-00205-7.

[58] Bernd Illing, Sebastian Fritschi, Herbert Kaiser, Christian L.
Klix, Georg Maret, and Peter Keim. Mermin–wagner fluctu-
ations in 2d amorphous solids. Proceedings of the National
Academy of Sciences, 114(8):1856–1861, 2017. ISSN 0027-
8424. doi: 10.1073/pnas.1612964114. URL https://www.
pnas.org/content/114/8/1856.

[59] Thomas E. Angelini, Edouard Hannezo, Xavier Trepat, Manuel
Marquez, Jeffrey J. Fredberg, and David A. Weitz. Glass-like
dynamics of collective cell migration. Proceedings of the Na-
tional Academy of Sciences, 108(12):4714–4719, 2011. ISSN
0027-8424. doi: 10.1073/pnas.1010059108. URL https:
//www.pnas.org/content/108/12/4714.

[60] Simon Garcia, Edouard Hannezo, Jens Elgeti, Jean-François
Joanny, Pascal Silberzan, and Nir S. Gov. Physics of active
jamming during collective cellular motion in a monolayer. Pro-
ceedings of the National Academy of Sciences, 112(50):15314–
15319, 2015. ISSN 0027-8424. doi: 10.1073/pnas.1510973112.
URL https://www.pnas.org/content/112/50/15314.

[61] Jin-Ah Park, Jae Hun Kim, Dapeng Bi, Jennifer A. Mitchel,
Nader Taheri Qazvini, Kelan Tantisira, Chan Young Park, Mau-
reen McGill, Sae-Hoon Kim, Bomi Gweon, Jacob Notbohm,
Robert Steward Jr, Stephanie Burger, Scott H. Randell, Alvin T.
Kho, Dhananjay T. Tambe, Corey Hardin, Stephanie A. Shore,
Elliot Israel, David A. Weitz, Daniel J. Tschumperlin, Elizabeth P.
Henske, Scott T. Weiss, M. Lisa Manning, James P. Butler, Jef-
frey M. Drazen, and Jeffrey J. Fredberg. Unjamming and cell
shape in the asthmatic airway epithelium. Nature Materials, 14
(10):1040–1048, Oct 2015. ISSN 1476-4660. doi: 10.1038/
nmat4357. URL https://doi.org/10.1038/nmat4357.

[62] Dapeng Bi, Xingbo Yang, M. Cristina Marchetti, and M. Lisa
Manning. Motility-driven glass and jamming transitions in
biological tissues. Phys. Rev. X, 6:021011, Apr 2016. doi:
10.1103/PhysRevX.6.021011. URL https://link.aps.org/
doi/10.1103/PhysRevX.6.021011.

[63] Daniel M. Sussman, M. Paoluzzi, M. Cristina Marchetti, and
M. Lisa Manning. Anomalous glassy dynamics in simple models
of dense biological tissue. EPL (Europhysics Letters), 121(3):
36001, feb 2018. doi: 10.1209/0295-5075/121/36001. URL
https://doi.org/10.1209/0295-5075/121/36001.

[64] Q.-H. Wei, C. Bechinger, and P. Leiderer. Single-file diffusion of
colloids in one-dimensional channels. Science, 287(5453):625–
627, 2000. ISSN 0036-8075. doi: 10.1126/science.287.5453.
625. URL https://science.sciencemag.org/content/
287/5453/625.

[65] Jean-Francois Rupprecht, Kok Haur Ong, Jianmin Yin, Anqi
Huang, Huy-Hong-Quan Dinh, Anand P. Singh, Shaobo Zhang,
Weimiao Yu, and Timothy E. Saunders. Geometric constraints
alter cell arrangements within curved epithelial tissues. Molec-
ular Biology of the Cell, 28(25):3582–3594, 2017. doi: 10.
1091/mbc.e17-01-0060. URL https://doi.org/10.1091/
mbc.e17-01-0060. PMID: 28978739.

[66] Malcolm S Steinberg. Differential adhesion in morphogenesis: a
modern view. Current Opinion in Genetics & Development, 17(4):
281 – 286, 2007. ISSN 0959-437X. doi: https://doi.org/10.1016/
j.gde.2007.05.002. URL http://www.sciencedirect.com/
science/article/pii/S0959437X07001062. Pattern forma-
tion and developmental mechanisms.

[67] Arnold Hayer, Lin Shao, Mingyu Chung, Lydia-Marie Jou-
bert, Hee Won Yang, Feng-Chiao Tsai, Anjali Bisaria, Eric
Betzig, and Tobias Meyer. Engulfed cadherin fingers are po-
larized junctional structures between collectively migrating en-
dothelial cells. Nature Cell Biology, 18(12):1311–1323, Dec
2016. ISSN 1476-4679. doi: 10.1038/ncb3438. URL https:
//doi.org/10.1038/ncb3438.

[68] Medhavi Vishwakarma, Jacopo Di Russo, Dimitri Probst, Ul-
rich S. Schwarz, Tamal Das, and Joachim P. Spatz. Mechan-
ical interactions among followers determine the emergence of
leaders in migrating epithelial cell collectives. Nature Com-
munications, 9(1):3469, Aug 2018. ISSN 2041-1723. doi:
10.1038/s41467-018-05927-6. URL https://doi.org/10.
1038/s41467-018-05927-6.

[69] Medhavi Vishwakarma, Basil Thurakkal, Joachim P. Spatz,
and Tamal Das. Dynamic heterogeneity influences the leader-
follower dynamics during epithelial wound closure. Philo-
sophical Transactions of the Royal Society B: Biological Sci-
ences, 375(1807):20190391, 2020. doi: 10.1098/rstb.2019.
0391. URL https://royalsocietypublishing.org/doi/
abs/10.1098/rstb.2019.0391.

[70] K.V. Mardia and P.E. Jupp. Directional Statistics. Wi-
ley Series in Probability and Statistics. Wiley, 2009. ISBN
9780470317815. URL https://books.google.de/books?
id=PTNiCm4Q-M0C.

.CC-BY-NC 4.0 International licenseavailable under a
(which was not certified by peer review) is the author/funder, who has granted bioRxiv a license to display the preprint in perpetuity. It is made 

The copyright holder for this preprintthis version posted March 25, 2021. ; https://doi.org/10.1101/2021.03.25.436985doi: bioRxiv preprint 

https://onlinelibrary.wiley.com/doi/abs/10.1002/9783527682300.ch3
https://onlinelibrary.wiley.com/doi/abs/10.1002/9783527682300.ch3
https://www.biodiversitylibrary.org/item/56510
https://doi.org/10.1140/epje/i2010-10677-0
http://www.sciencedirect.com/science/article/pii/S0022519318302935
http://www.sciencedirect.com/science/article/pii/S0022519318302935
https://doi.org/10.1038/nature05014
https://doi.org/10.1038/nature05014
https://doi.org/10.1209/epl/i1998-00205-7
https://doi.org/10.1209/epl/i1998-00205-7
https://www.pnas.org/content/114/8/1856
https://www.pnas.org/content/114/8/1856
https://www.pnas.org/content/108/12/4714
https://www.pnas.org/content/108/12/4714
https://www.pnas.org/content/112/50/15314
https://doi.org/10.1038/nmat4357
https://link.aps.org/doi/10.1103/PhysRevX.6.021011
https://link.aps.org/doi/10.1103/PhysRevX.6.021011
https://doi.org/10.1209/0295-5075/121/36001
https://science.sciencemag.org/content/287/5453/625
https://science.sciencemag.org/content/287/5453/625
https://doi.org/10.1091/mbc.e17-01-0060
https://doi.org/10.1091/mbc.e17-01-0060
http://www.sciencedirect.com/science/article/pii/S0959437X07001062
http://www.sciencedirect.com/science/article/pii/S0959437X07001062
https://doi.org/10.1038/ncb3438
https://doi.org/10.1038/ncb3438
https://doi.org/10.1038/s41467-018-05927-6
https://doi.org/10.1038/s41467-018-05927-6
https://royalsocietypublishing.org/doi/abs/10.1098/rstb.2019.0391
https://royalsocietypublishing.org/doi/abs/10.1098/rstb.2019.0391
https://books.google.de/books?id=PTNiCm4Q-M0C
https://books.google.de/books?id=PTNiCm4Q-M0C
https://doi.org/10.1101/2021.03.25.436985
http://creativecommons.org/licenses/by-nc/4.0/

	Introduction
	Setup and model
	Results
	Velocity and density profiles
	Spatial organisation
	Collective cell dynamics
	Varying channel widths
	Varying the diameter gradient in the funnel region

	Conclusions
	Model and parameters
	Simulation procedure
	Implementation of cell cycle
	Parameters used
	Variation of cell-cell adhesion

	Methods
	Analysis of the radial distribution function (RDF)
	Maxima detection
	Detailed view on angular distributions

	Mean-squared displacement (MSD) and cage-relative mean-squared displacement (CR-MSD)

	Supplementary figures
	MSDs and CR-MSDs under variation of D and d
	Additional figures for the configuration with a straight channel
	Additional figures for the configuration with longer funnel/ smoother transition


