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Figure 23: The brain state switch detection is not robust across different window size
selections for the sliding-window approaches on the first MEG eye-opening-closing example.

Figure 24: The results from the second eye-opening-closing MEG record. (a) Changes
of growth/decay constant (Ref R()gf), changes of the frequencies (Imf B()gf=2 ). (b)
The Pearson correlation between the weighted spatial features and the seven canonical
networks. (c) The weighted spatial features across different segments detected by TVDN
with eye-opening-closing labels.
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Figure 25: The pairwise connectivity over 68 ROIs from the second MEG eyes-open and
eyes-close example
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Figure 26: The brain state switch detection is not robust across different window size selec-
tions for the sliding-window approaches on the second MEG eye-opening-closing example.
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