








Figure S14: PCCB locus colocalization. Colocalization results for PCCB locus demonstrating
pleiotropic effects of variant rs61791721 on alanine, glycine, pyruvate, isoleucine, valine, leucine,
total fatty acids, total triglycerides, total free cholesterol, the UK Biobank clinical measures of HDL-
C, LDL-C and triglycerides, and CAD.
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Figure S15: rs61791721 eQTL effects. Tissue eQTL effects for the PCCB variant (rs61791721)
in GTEx.
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Figure S16: Additional manhattan plots. Manhattan plots for (a) HDL_C, (b) LDL_C, (c)
total triglycerides, and (d) total fatty acids. Blue coloring represents metabolites belonging to the
lipid group and green belongs to fatty acid group.
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Supplementary Tables767

Table S1: Metabolite HESS heritabilities. Heritibility results from HESS for each metabolite.
(File: hess_scaled_heritabilities.tsv)

768

Table S2: Gene function sources. Sources for biochemical characterization of genes mentioned
in the variant vignettes.
(File: gene_biochemistry_sources.xlsx)

769

Table S3: Metabolite GWAS hits annotation. Annotation for the 213 metabolite GWAS hits,
including the assigned gene, assigned gene type, variant classification, and nearest gene.
(File: rigidmetabolites_sig_pruned_snplist_manual_annotation_closestgene_disttss.tsv)

770

Table S4: Gene biochemical groups. The number of significant (P < 1e-4) metabolite associa-
tions each metabolite GWAS gene had for each biochemical group. For a given gene, only biochemical
groups that had at least one significant metabolite association were listed.
(File: gene_metgroup_assignments_all.tsv)

771

Table S5: Ancestry-inclusive GWAS hits. List of additional metabolite GWAS hits from the
ancestry-inclusive analysis that were not present in the European-only GWAS results.
(File: newsnps_annotated_rigid_novel_withsumstats.tsv)

772

Table S6: Discordant variant annotation. List of each discordant variant-metabolite associa-
tion, including the variant annotations and relevant metabolite pair genetic correlation and GWAS
summary statistics.
(File: disvar_annotation.tsv)

773

774

775

776
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Table S7: Local genetic correlation results. Combined results for different methods of calcu-
lating the local genetic correlation for different pathways for alanine and glutamine, demonstrating
the consistency across the different approaches.
(File: combined_localgencor_methods.tsv)

Table S8: Metabolite associations with CAD. Literature evidence and citations for metabolite
associations with CAD.
(File: met_to_disease.xlsx)

Table S9: PCCB GWAS results. GWAS summary statistics for rs61791721 (PCCB) in the 16
metabolites.
(File: PCCB_sumstats.tsv)
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