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Abstract 
 
This paper analyzes the data obtained from tissue samples of the human brains containing protein 
expression values. The data have been processed for their thermodynamic measure in terms of 
the Gibbs free energy of the corresponding protein-protein interaction networks. We have 
investigated the functional dependence of the Gibbs free energies on age and found consistent 
trends for most of the 16 main brain areas. The peak of the Gibbs energy values is found at birth 
with a trend toward plateauing at the age of maturity. We have also compared the data for males 
and females and uncovered functional differences for some of the brain regions. 
 
 
Keywords: brain development, Gibbs free energy, thermodynamics, transcriptome, protein-
protein interaction 
 
 
Significance Statement 
 
In this paper we briefly outline the theoretical basis for a novel analysis of brain development in 
terms of a thermodynamic measure (Gibbs free energy) for the corresponding protein-protein 
interaction networks. We analyzed the overall developmental patterns for Gibbs free energy as a 
function of age across all brain regions. Of particular note was the significant upward trend in the 
fetal stages, which is generally followed by a sharp dip at birth and a plateau at maturity. We 
then compared the trends for female and male samples. A crossover pattern was observed for 
most of the brain regions, where the Gibbs free energy of the male samples were lower than the 
female samples at prenatal and neonatal ages, but higher at ages 8-40. 
 
\body 
 
Introduction 
 
In this paper, we introduce a possible thermodynamic measure that could correlate with brain 
development from the fetal stage to old age as measured by protein expression data for all major 
brain regions. The thermodynamic measure we have used in this study is the Gibbs free energy 
of the protein-protein interaction network. This approach is motivated by previous applications 
of the Gibbs energy of such networks as a measure of biological state evolution. In particular, we 
earlier showed that the Gibbs free energy calculated for the development of C. elegans is 
correlated with the developmental timeline of this species (1). The theoretical underpinnings for 
understanding the thermodynamics and energetics of C. elegans development or brain 
development, started by investigating the molecular biology of human diseases from a systems 
biology perspective. These studies were carried out over a several-year period (2–6). From a 
thermodynamic perspective, the transcriptome and other omic (e.g., proteomic, genomic, 
metabolomic, etc.) measures can represent the energetic state of a living cell or indeed an 
organism as a whole. There is a chemical potential associated with the interacting molecules in a 
cell, and the chemical potential of all the proteins that interact with each other can be viewed to 
represent a rugged landscape, not dissimilar to Waddington’s epigenetic landscape (7, 8). From a 
biological perspective, we know that 74% of the human transcriptome is over-expressed in the 
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brain compared to other organs, meaning that 14,518 out of 19,614 of all human proteins; 
and hence some 14,600 of the corresponding genes show an elevated expression in the brain 
compared to other tissue and organ types (9, 10). 
 
A previous study based on gene ontology analysis and antibody-based tissue microarray analysis 
of the corresponding proteins, found most brain-enriched protein coding genes to be found in 
astrocytes, oligodendrocytes or in neurons with molecular properties linked to synaptic 
transmission and brain development (11). Moreover, recent findings show that approximately 
86% of protein-coding genes are differentially regulated at the whole transcript or exon level 
across regions and/or time and most spatio-temporal differences occur before birth, followed by 
an increase in the similarity among regional transcriptomes during postnatal lifespan. These 
findings demonstrate that genes are organized into functionally distinct co-expression networks, 
and sex differences are present in gene expression and exon usage (12). In recent years 
biophysical studies have been providing thermodynamic interpretation of biological processes 
adding the necessary conceptual framework which helps to navigate the inherent complexities 
and better understand biology without including superfluous or misleading information (13). The 
method we propose here demonstrates that the thermodynamic spatio-temporal profile of the 
human brain transcriptome, when compared with biological data from neurobiology literature, 
correlates from the DNA level all the way to the organ level. As will be shown below, the most 
important findings of our work are that the human brain’s transcriptome has the lowest (most 
negative) Gibbs free energy values pre-birth, followed by a dramatic climb to the maximum 
Gibbs free energy at birth, which mirrors not only the growth of the organ itself but also the 
development of its complex internal architecture. This rapid ascent to a maximum value is then 
followed a gradual drop in the Gibbs free energy to a local minimum around the age of sexual 
maturity. After that, another change in the trend occurs with a slight increase in the Gibbs energy 
continuing into the old age. These pronounced trends, which are consistent across the various 
areas of the brain, separated by rather sharp transitions, in our opinion related to important 
biological and physiological processes such as structure formation, building of neuronal 
connections and also structural and functional deterioration due to aging. Interestingly, there are 
also documented thermodynamic transitions taking place in the human brain such as the sudden 
temperature change at birth, which corresponds to a change of conditions from a 
thermodynamically closed system to an open one. The passage to old age is also known to 
correspond to volumetric changes of the brain as well as pathological protein aggregation such as 
seen in the formation of amyloid plaques (14). 
 
Data Sources and Methods 
 
The method we propose uses mRNA transcriptome data or RNA-Seq data as a surrogate for 
protein concentration. This assumption is largely valid. Kim et al. (15) and Wilhelm et al. (16) 
have shown an 83% correlation between mass spectrometry proteomic information and 
transcriptomic information for multiple tissue types. Further, Guo et al. (17) found a Spearman 
correlation of 0.8 in comparing RNA-Seq and mRNA transcriptome from TCGA human cancer 
data (18). We believe this justifies the use of this methodological simplification, especially since 
we are interested in trends and not in the quantification of minute differences. 
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Given the set of transcriptome data, a representative of protein concentration, we then overlay 
that on the human protein-protein interaction network from BioGRID (19, 20). This means we 
assign to each protein on the network, its scaled (between 0 and 1), transcriptome value (or 
RNA-Seq value). From that we compute the Gibbs free energy of each protein-protein 
interaction using the relationship: 
 

   [1] 

 
where ci is the “concentration” of the protein i, normalized, or rescaled, to be between 0 and 1. 
The sum in the denominator is taken over all protein neighbors of i, and including i. Therefore, 
the denominator can be considered related to a degree-entropy of the underlying protein-protein 
interaction network. Carrying out this mathematical operation essentially transforms the 
“concentration” value assigned to each protein to a Gibbs free energy contribution, which can 
eventually be added up for the entire set of expressed proteins providing an overall 
thermodynamic measure for the state of the system at a given point in time. Thus, we replace the 
set of scalar values associated with a transcriptome by a scalar function – the Gibbs free energy. 
By summing over the whole protein-protein interaction network (PPI), we can compute the 
Gibbs free energy, which represents the energetic state of the biopsy tissue sample.  
 
The transcriptome data provide quantitative information about the mRNA expression levels in a 
given sample. Expression values are log2 normalized. These expression levels, ei, act as a proxy 
for protein concentration. The concentrations values, ci, are further normalized into the interval 
[0,1] where a value of 1 suggests a high relative protein concentration, emax, while a value of 0 
corresponds to a low relative protein concentration, emin, according to 
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With these two sets in hand, we superimpose the protein concentration data on the PPI. A 
chemical potential is then assigned to each node using the relationship: 
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where the denominator is the sum of the concentrations of adjacent nodes. The term in the 
argument of the natural logarithm function will be equal to 1 if the protein is unconnected (or all 
adjacent nodes have 0-concentraction values). Generally, we can see that �� will be greater for 
higher values of ci and lower concentrations in adjacent nodes. The magnitude of the potential is 
therefore greater for low concentration proteins with highly upregulated adjacent nodes. 
 
We can then perform a simple calculation to obtain the total Gibbs free energy for the network 
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We performed these calculations for several transcriptome data sets, however the focus of this 
paper is specifically on the data set GSE25219 (12, 21) from the NCBI GEO database (22, 23), 
which contains 1,340 samples obtained from 57 healthy postpartum human brains. The data set 
contains quantitative information for 16 brain regions with samples including both sexes and 
multiple age groups ranging from prenatal to adult (12). A list of these brain regions and their 
acronyms used can be found in Table 1 (12). The PPI data were obtained from BioGRID (19, 
20). The Gibbs energy was computed using Python 2.7. Biological interpretation of 
thermodynamic findings has been carried out by reviewing the relevant scientific literature. 
 
Before, we present the results of this analysis, we briefly outline the workflow involved in the 
data analysis. We downloaded the data from the following data sets from GEO using the 
GPL5175 platform (Affymetrix Human Exon 1.0 ST Array): GSE30272 (24), GSE18069 (25), 
and GSE25219 (12, 21), as well as BrainSpan (26, 27). Only GSE25219 was selected for further 
analysis. GSE25219 contained 57 subjects, 16 brain regions, LR hemispheres (for only 39 of the 
subjects), 31 males and 26 females. The samples obtained were from normal donors without a 
clinical brain pathology or signs of serious genomic abnormalities (12). We then combined soft 
matrix data with gene expression data files. IDs in the gene expression data were matched to 
gene names (several ID numbers can match to a single gene name). Where there were duplicate 
entries for a gene, the average of the expression values was taken. If there was no gene name that 
could be matched to an ID, the entry was deleted. The output file created contains a list of genes 
(rows) and samples (1,340 columns) with the averaged log2 expression values for each entry. We 
then calculated Gibbs free energy values associated with each sample and plotted the results (see 
below) by binning data into age groups. The age ranges were determined based on natural breaks 
in the data set, developmental stage, and considerations based on the amount of data in a given 
set (for example, a bin might be increased if there was insufficient data within the bin). The 
difference in binning ranges between plotting sets (i.e. sex, protein, overall, hemisphere) is due 
to this third factor. Error bars are based on standard error calculations. Some of the fetal regions 
used a different labelling system. In our analysis, any data that were labelled using a label that 
could not be directly matched to one of the 16 brain regions mapped were discarded. Fortunately, 
this constituted a very small fraction. All of the final plots were produced using the R software, 
along with the accompanying statistical data.  
 
Results 
  
In this section we provide an overall transcriptome time dependence of the corresponding Gibbs 
free energy and a discussion of the physiological interpretation when available. Figure 1 shows 
the overall patterns in the 16 regions of the human brain from prenatal stages to old age. In 
Figure 1, a simple average has been taken for all samples of a particular brain region for a given 
age range (with suppressed hemisphere and sex information). We can observe a consistent 
upward trend in the fetal period across all brain regions. The three regions that do not appear to 
increase between the first and second time periods are V1C, S1C, and M1C, and the upper 
outlier in the second bin is MD. The data are in accordance with the embryologic development 
time of V1C, S1C, and M1C not yet present (28). The high values of the Gibbs free energy for 
MD, on the contrary, are related to its earlier and complex development, starting immediately 
after the formation of the neural tube (29, 30). The data show a consistent upward trend of the 
Gibbs free energy throughout the fetal development period, across all brain regions, culminating 
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at birth except for the Occipital cortex areas V1C, OFC, A1C, and DFC that reach the highest 
Gibbs free energy at a 1-4-year point. This can be explained as the combination of dynamic 
cellular processes (glial mitosis versus pruning) occurring while cortexes are still developing and 
reach completion at around 1-2 years of age (28, 31, 32). We can associate an increase in the 
Gibbs free energy with a thermodynamic tendency to move out of equilibrium, which is 
characteristic of growth and form generation. Later in the development a dynamic equilibrium 
sets in whereby mitosis starts being balanced by apoptotic events that energetically stabilize the 
system (33) leading to a Gibbs free energy plateau. 
 
At the beginning of the fetal age, the data reveal the overall lowest Gibbs free energy values, 
which steadily climb to a global maximum around the time of birth. This highly dynamic process 
taking place during the fetal development is probably due to the high rate of mitosis and physical 
expansion of the brain (34). Note that the Gibbs free energies are calculated based on the fetus 
brain specimens, ranging between 2.3 to 5.4 cm of total length (30). We hypothesize that the 
well-known sudden drop of the child’s body temperature at birth may be consistent with the 
findings of the Gibbs free energy decline and could also be responsible for reprogramming of the 
neuronal DNA interaction network. Change in gene interaction network levels has been 
demonstrated to be related to increase or decrease in entropy levels (14). Furthermore, sudden 
temperature change at birth appears to be the most important thermodynamic signal to neuronal 
DNA (35–37), hence thermodynamic does play a role at this stage. 
 
After birth we can generally see a Gibbs free energy drop-off followed by a levelling off or slight 
upward trend. The data in this range are more variable between regions relative to the fetal 
stages. The most significant outlier we can observe is CBC, which has the lowest Gibbs free 
energy from childhood through adolescence and then it jumps to the highest Gibbs free energy in 
the 55+ range, which may be related to aging and perhaps even structural and functional deficits. 
 
We now focus on the next stage in the evolution of the brain occurring from birth to the age of 
maturity, i.e. 23 years. Data in this range are more variable between brain regions relative to the 
fetal stages. After birth, we can generally see a Gibbs free energy drop-off followed by a 
leveling-off trend extended throughout childhood to sexual maturity. The brain structural/volume 
change, occurring after birth, is thermodynamically oriented towards its ordered developmental 
completion (12, 14). 
 
In the age bracket of 8-23 years, all brain regions, except AMY and STR, show a steady decrease 
in their respective Gibbs free energy compared to their values at birth. This can be correlated 
with structural consolidation especially pronounced after reaching sexual maturity. The brain’s 
complete development could also send a signal to switch metabolic preferences between anabolic 
and catabolic energy production processes (38). Amygdala and striatum are developmentally 
interconnected since they both originate from the arc shaped “striatal ridge” (39–41). The 
singularity of the cerebellum’s structure and function has been demonstrated in the literature (42, 
43). We see in our results (see Figure 1) that CBC reaches the lowest Gibbs free energy value in 
the age bracket from 8 to 23 years when cerebellum is known to reach its complete development. 
Immediately after, MRI studies show a marginal volume decline that at the age of 50 becomes 
exponential, which could explain our findings (44–46). 
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Comparisons Between Male and Female Data Sets 
 
In this section we specifically analyze the differences between the Gibbs free energy results 
obtained for the male and female brains, respectively. We discuss these differences for each area 
of the brain separately.  
 
For the primary auditory cortex A1C (see Figure 2), for each age group there is no difference 
between male and female subjects beyond statistical error. A significant increase in Gibbs free 
energy can be observed, peaking at birth and then dropping moderately until the adolescent age 
region (ages 8-23) is reached, and then increasing slightly again for the last two age brackets. 
Generally, changes appear more exaggerated for the female subjects (lower troughs and higher 
peaks in the Gibbs free energy values). 
 
For the amygdala AMY (see Figure 3), the overall pattern is as described for A1C, above. The 
female regions are consistently greater than the male counterparts until birth at which point the 
Gibbs free energy values for female samples peak. The corresponding values for male samples 
peak in the next bracket (1-4), however there is a significant error associated with this data point. 
This is followed by a dip in the adolescent bracket and a slight increase after. Again, we see a 
crossover along the age axis between the male and female Gibbs free energy values; the male 
subjects are characterized by more stable Gibbs free energy profiles, particularly in the last three 
age brackets (8+). 
 
The data for the cerebellar cortex CBC (see Figure 4) seem to differ relative to many of the sex 
plots. Here, the fetal region does not have as significant of an upward trend. For the female 
subjects there is a moderate upward trend and then a sudden peak at birth that immediately drops 
again after birth. The male region does not appear to have the typical linear upward slope, 
however there is no data for the youngest range and a relatively large statistical error in the 
second range. At birth, the male samples show Gibbs free energies, which are significantly lower 
than those for the females. After birth, the male and female samples effectively move in unison 
with no statistical differences. The dip and upward swing after age 8 is more pronounced for the 
cerebellar cortex 
 
The data for the dorsolateral prefrontal cortex DFC seems to fall somewhere between the 
AMY and A1C, and CBC data (see Figure 5). Generally, there is an upward trend in the Gibbs 
free energy from the inception of the fetal stage until birth. Similarly to the CBC data, the 
upward trend is not present between the second and third age bracket (covers −0.55 to −0.3) for 
the male subjects only. Again, the male subject Gibbs free energy peaks slightly over birth in the 
1-4 bracket. Both sexes exhibit the 8+ dip and swing. As with A1C and AMY, this dip and swing 
is more pronounced for female subjects. 
 
In the hippocampus HIP data (see Figure 6), we observe the same upward trends until birth. 
Overall, the data for the male and female regions appear quite similar. Both have a peak at birth 
(though more significant for the female region). Unlike other regions, there, the Gibbs free 
energy is more stable after birth, particularly for the male regions. The female subjects again 
have an upward swing in the Gibbs free energy but mostly in the 40+years region. 
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For the data for the posterior inferior parietal cortex IPC (see Figure 7), the upward trend is 
more modest in the fetal samples. The female samples have a sudden jump at birth and then the 
Gibbs free energy drops down abruptly (although not to fetal levels). The male subjects also 
show a large increase at birth but this continues into the 1-4 age bracket (however, there is 
significant error associated with this data point). The typical dip and swing is then observed as 
well as the sex crossover mentioned above. 
 
For the fetal period for the inferior temporal cortex ITC (see Figure 8), we can observe an 
upward slope in the Gibbs free energy, however its magnitude is greater for the female subjects. 
The female regions exhibit the typical peak at birth, followed by a dip and then increase again at 
age 40+. The male region has a clear peak in the 1-4 age range, then it dips modestly, and then 
remains relatively stable. Again, we can see a sex crossover effect after birth. 
 
The Gibbs values for the primary motor cortex M1C (see Figure 9) are quite typical relative to 
other brain regions. There is an upward trend, peaking at birth for the female samples and 
peaking slightly in the 1-4 region for the male subjects. Both sexes move approximately in 
unison, dipping in the 8-23 bracket and then swing upward slightly thereafter. 
 
The Gibbs values for the mediodorsal nucleus of the thalamus MD (see Figure 10) are 
somewhat atypical relative to other brain regions. On reason for this may be that there was less 
data for this region (in particular it is worth noting that there was only one male sample in the 1-
4 age bracket). The female subjects follow an upward trend, peak at birth and then dip down 
after birth and remain relatively stable. The male curve is more sporadic, peaking at birth then 
dropping off abruptly and swing back up to approximately the same value observed at birth. 
 
For the medial prefrontal cortex MFC (see Figure 11), we see a typical pattern in the female 
region: an increase during fetal development, a peak at birth immediately followed by a dip, and 
then slight upward swing in the 40+ region. The male regions on the hand, follow a similar fetal 
developmental pattern (translated down slightly), however the is no dip and swing. Instead we 
basically see a plateau after birth and a slight drop in the 40+ region. 
 
The orbital prefrontal cortex OFC (see Figure 12) follows a pattern similar to the one observed 
in the ITC (see Figure 8). The difference here is that the jump between the third fetal period and 
birth is more significant than in the ITC. Like the ITC the male region peaks after birth (however 
there is only one data point) and is stable after it dips down in the 8-23 range. The female curve 
follows the dip and swing and we also see the sex crossover pattern. 
 
The Gibbs values for the primary somatosensory cortex S1C (see Figure 13) again display an 
upward trend during fetal development and a peak at birth for the female subjects, with the male 
values increasing slightly after birth. Both curves dip into the 8-23 age bracket however the male 
region has an anomalous peak again in the 27-40 age bracket. The female region remains 
relatively stable after the dip. 
 
The posterior superior temporal cortex STC (see Figure 14) contains many of the patterns 
observed in the other brain regions. One thing that makes this region unique, is that it is the only 
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one where the highest male value is greater than the largest female Gibbs energy. This may in 
part be due to the female peak being a bit less pronounced. Overall, we see the upward trend 
during fetal development (with a stall again between the second and third period for male 
samples), with peaks at birth and in the 1-4 age bracket for female and male samples, 
respectively. The female region has the dip and swing whereas the male samples are relatively 
flat in later years. The pattern also seems reminiscent of V1C (see Figure 16). 
 
For the striatum STR (see Figure 15), we see somewhat erratic behaviour similar to that which 
was observed in the MD (see Figure 10). Like the MD, this may in part be due to fewer samples 
being available in this region (note, only one male sample in the −0.4 to −0.3 and 1-4 age 
brackets). The female region, like in the MD follows an upward trend until peaking at birth. The 
curve then dips down during the toddler years but then remains stable thereafter. 
 
The female samples for the primary visual cortex V1C (see Figure 16) follow a typical pattern: 
upward slope during fetal development, peak at birth, dipping until 8-23 bracket, followed by an 
upward swing. The male pattern is similar to that observed in the S1C (see Figure 12): peaking 
after birth, then dipping in the 8-23 bracket and increasing again, plateauing from age 27 
onwards. Overall, V1C and S1C appear quite similar. 
 
Overall, there seems to be more stability in the ventrolateral prefrontal cortex VFC (see Figure 
17) relative to other brain regions. The female samples show only a slight increase in the Gibbs 
free energy during fetal development and then a jump at birth. The Gibbs free energy drops 
linearly until the 8-23 bracket after which point the curve is effectively flat. For the male 
subjects, there is a step from the first fetal period to the second and then another step at birth, 
after which point the Gibbs free energy values remain relatively unchanged. To demonstrate that 
the cross-over effect is a general effect and not limited to specific regions of the brain, we have 
averaged the Gibbs free energy values over all brain regions for males and females separately 
and plotted the results in Fig. 18. As can be readily seen, the cross-over effect in early childhood, 
around the age 1-4 years is consistently present. Moreover, in middle age, around the age of 40, 
both female and male brains converge to the same value of the Gibbs free energy. 
 
 
Discussion 
 
In this paper we have analyzed protein expression data obtained from biopsied brains of females 
and males spanning a range of ages from prenatal to old age. The data were organized according 
to their origin involving 16 distinct and well-defined brain regions. We have introduced a 
quantitative thermodynamic measure that reflects the structural brain development level based on 
the protein-protein interaction network’s characteristics. This measure is the network’s Gibbs 
free energy, which originates in statistical physics where its increase signifies departure from a 
thermodynamic equilibrium. Conversely, a tendency of the thermodynamic system to attain the 
lowest Gibbs free energy under existing constraints is a consequence of the second law of 
thermodynamics and is consistent a maximum entropy principle. Here, we applied this measure 
to address the question if there are any trends that correlate with age and secondly if there are 
differences in this regard between males and females. Our analysis shows a dramatic increase in 
the Gibbs free energy in prenatal brains as they approach the time of birth at which point the 
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Gibbs free energy values consistently achieve a maximum value possibly reflecting the brain’s 
structural and functional development. Subsequently, the Gibbs free energy decreases with age 
achieving a local minimum around the age of sexual maturity. From that age onward, the Gibbs 
free energy slowly increases in almost all brain regions. While we offer no concrete explanation 
of this effect, we hypothesize that this may reflect the brain’s synaptic plasticity due to continued 
learning and accumulation of life’s experience. Finally, we have also compared the Gibbs free 
energy for male and female samples, respectively. In most brain regions and also for the 
averaged values over all regions of the brain we found that from prenatal stages of development 
until early childhood the Gibbs free energy from female subjects is higher than that of the male 
counterparts, which possibly signifies a more rapid development of female brains than is the case 
for male brains. A cross-over effect can be seen in early childhood where the relationship is 
reversed but eventually, around the age of 40, both curves converge to the same value. 
Admittedly, the relatively small sample size suggests that these results should be interpreted with 
great caution. Larger sets of similar data would offer greater confidence in our analysis but due 
to lack of such datasets we are unable to provide more statistically significant conclusions. 
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Figure Legends 
 
Figure 1. A plot of the Gibbs free energy for the 16 main brain regions averaged over the 
individual data sets and binned according to age groups. 
 
Figure 2. Gibbs free energy for male and female samples in the primary auditory (A1C) cortex.  
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Figure 3. Gibbs free energy for male and female samples in the amygdala (AMY). 
 
Figure 4. Gibbs free energy for male and female samples in the cerebellar cortex (CBC).  
 
Figure 5. Gibbs free energy for male and female samples in the dorsolateral prefrontal cortex 
(DFC).  
 
Figure 6. Gibbs free energy for male and female samples in the hippocampus (HIP).  
 
Figure 7. Gibbs free energy for male and female samples in the posterior inferior parietal cortex 
(IPC). 
 
Figure 8. Gibbs free energy for male and female samples in the inferior temporal cortex (ITC). 
 
Figure 9. Gibbs free energy for male and female samples in the primary motor (M1C) cortex.  
 
Figure 10. Gibbs free energy for male and female samples in the mediodorsal nucleus (MD) of 
thalamus. 
 
Figure 11. Gibbs free energy for male and female samples in the medial prefrontal cortex 
(MFC). 
 
Figure 12. Gibbs free energy for male and female samples in the orbital prefrontal cortex (OFC). 
 
Figure 13. Gibbs free energy for male and female samples in the primary somatosensory (S1C) 
cortex. 
 
Figure 14. Gibbs free energy for male and female samples in the posterior superior temporal 
cortex (STC). 
 
Figure 15. Gibbs free energy for male and female samples in the striatum (STR). 
 
Figure 16. Gibbs free energy for male and female samples in the primary visual (V1C) cortex. 
 
Figure 17. Gibbs free energy for male and female samples in the ventrolateral prefrontal cortex 
(VFC).  
 
Figure 18. Plot of the Gibbs free energy values averaged over all 16 brain areas and presented 
for female and male cases separately. 
 
Tables 
 
Table 1. The list of brain regions used in the study of the human brain development (12). 
 

Abbreviation Brain region 
OFC orbital prefrontal cortex 
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DFC dorsolateral prefrontal cortex 
VFC ventrolateral prefrontal cortex 
MFC medial prefrontal cortex 
M1C primary motor (M1) cortex 
S1C primary somatosensory (S1) cortex 
IPC posterior inferior parietal cortex 
A1C primary auditory (A1) cortex 
STC posterior superior temporal cortex 
ITC inferior temporal cortex 
V1C primary visual (V1) cortex 
HIP hippocampus 
AMY amygdala 
STR striatum 
MD mediodorsal nucleus of thalamus 
CBC cerebellar cortex 
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