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Fig. S18. Human changes with transcript length.

(A) Direction of age-dependent change of transcripts, analogous to Fig. 4A, but for humans.
Additionally, the dotted curve shows samples with strong imbalance (pis < -0.3). The shortest
and longest genes get most affected by transcriptome imbalance. (B) Fold enrichment for
beneficial (B, green) and deleterious (D, orange) genes among the genes with the 5% shortest

and 5% longest median transcript lengths in humans. Negative enrichment indicates depletion.
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Fig. S19
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Fig. S19. Changes with transcript length in uninfected lung of mice.
An average sign of +1 would indicate that all genes are upregulated, whereas an average sign of

-1 would indicate that all are downregulated.
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Fig. S20
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Fig. $20. Transcript length dependency following influenza.
Fold-changes observed in lung after influenza relative to lung without influenza exposure for
individual genes. Graphs show mice of different ages. Red dots indicate differential expression

at false discovery rate of <0.05.
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