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Abstract: Variation across dog breeds presents a unique opportunity for investigating the
evolution and biological basis of complex behavioral traits. We integrated behavioral data from
more than 17,000 dogs from 101 breeds with breed-averaged genotypic data (N = 5,697 dogs)
from over 100,000 loci in the dog genome. Across 14 traits, we found that breed differences in
behavior are highly heritable, and that clustering of breeds based on behavior accurately
recapitulates genetic relationships. We identify 131 single nucleotide polymorphisms associated
with breed differences in behavior, which are found in genes that are highly expressed in the brain
and enriched for neurobiological functions and developmental processes. Our results provide
insight into the heritability and genetic architecture of complex behavioral traits, and suggest that

dogs provide a powerful model for these questions.


https://doi.org/10.1101/509315
http://creativecommons.org/licenses/by-nc-nd/4.0/

bioRxiv preprint doi: https://doi.org/10.1101/509315; this version posted January 1, 2019. The copyright holder for this preprint (which was not
certified by peer review) is the author/funder, who has granted bioRxiv a license to display the preprint in perpetuity. It is made available under
aCC-BY-NC-ND 4.0 International license.

3

Introduction

Variation across dog breeds provides a unique opportunity for investigating questions about the
evolution and biological basis of complex traits. For example, studies of breed differences have
led to major advances in our understanding of the genetics of diseases, including cancer,
metabolic disorders, and blindness (1), as well as the genetic underpinnings of morphological
traits, such as body mass, coat type, and coloration (2). Despite rapid progress in these areas,
we still know little about the biological basis of breed differences in behavior. For example,
although breed differences in behavior are well documented (reviewed in 3), it remains unknown
to what extent these differences are heritable. Further, even less is known about the genetic
architecture of these behavioral traits. Are they largely polygenic — as is the case for most complex
traits — or instead predominantly influenced by a small set of loci (2, 4)?

Compared to humans, dogs provide a uniquely powerful model for questions about
behavioral evolution, due to a simplified genetic architecture resulting from population bottlenecks
during domestication and strong selection during subsequent breed diversification (5-7). The
majority of variance among modern breeds has likely resulted from the repeated crossing of novel
phenotypes, which — drawing on a limited genetic toolkit — has given rise to extraordinary
phenotypic diversity. In addition to these practical advantages, dogs exhibit complex cognitive
and behavioral phenotypes, with striking parallels to traits in humans (8-13). For example,
common genetic mechanisms contribute to individual differences in social behavior in dogs and
humans, with relevance to understanding behavioral syndromes such as hypersociability (14).
However, research to date has been conducted with small sample sizes from a restricted number
of breeds, limiting our ability to make inferences about the evolution and biological basis of
behavioral diversity across breeds (15, 16).

Here, we investigated the genetic basis of breed differences in behavior by combining a
behavioral dataset of more than 14,000 dogs from 101 breeds (Table S1) with breed-typical

genotypic data from over 100,000 loci across the dog genome. Drawing on these data, we
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quantified, for the first time, the heritability of 14 behavioral traits across breeds, and identified
key genetic variants implicated in biological pathways associated with breed differences in
behavior.
Results

A fundamental criterion for the evolution of a trait by natural or artificial selection is that
variance in the trait is heritable. We assessed the heritability (h?) of 14 behavioral traits (Fig 1)
measured by the Canine Behavioral Assessment and Research Questionnaire (C-BARQ), a well-
validated instrument for quantifying diverse aspects of dog behavior (17-20), including
aggression, fear, trainability, attachment, and predatory chasing behaviors. We combined
behavioral data from 14,020 individual dogs with breed-level genetic identity-by-state (IBS)
estimates from two independent studies (N = 5,697, Materials and Methods; Hayward et al. (4)
and Parker et al. (21)), which allowed us to incorporate behavioral and genetic variance both
within and across breeds. Using a mixed-effects modeling approach (Efficient Mixed-Model
Association; EMMA) to control for relatedness between breeds, we found that a large proportion
of variance in dog behavior is attributable to genetic factors (Fig 1). The mean heritability was
0.51 + 0.12 (SD) across all 14 traits (range: h? 0.27-0.77), and significantly higher than the null
expectation in all cases (permutation tests, p < 0.001).

These estimates are also significantly higher than those identified in previous studies
assessing heritability of these traits in large within-breed samples (113 = -12.25, p < 0.001; 22,
but see 23). Estimating between-breed variance thus yields h? estimates that are on average, five
times higher (range = 1.3-25.5 times higher), which is likely due to more variance among,
compared to within breeds. Interestingly, the traits with the highest heritability were trainability (h?
= 0.73), stranger-directed aggression (h*=0.68), chasing (h?~0.62) and attachment and attention
seeking (h? = 0.56), which is consistent with the hypothesis that these behaviors have been

important targets of selection during the cultivation of modern breeds (3). Hierarchical clustering
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of breeds based on behavioral traits recapitulated the genetic similarities with striking accuracy
(Fig 1; cophenetic correlation coefficient = 0.32; p = 0.01).

To identify specific loci associated with breed differences in behavior, we conducted a
Genome-Wide Association Study across breeds. Specifically, we modeled breed-average
behavioral scores as a function of breed-average allele frequencies, controlling for relatedness
among breeds using EMMA (24). To further control for possible inflation of p values due to cryptic
population stratification, we corrected p values using the approach described by Amin et al. (25)
Each trait was modeled twice: once with each of the independent genetic datasets. The effects of
the same single-nucleotide polymorphisms (SNPs) on each behavior were strongly correlated
across the two datasets (median r = 0.77, range: r = 0.68-0.82, Fig S1), and the strength of this
association increased (median r = 0.93) when we included SNPs significantly associated with a
trait at a nominal p < 0.01 (Fig S2). We therefore used Fisher's combined probability test to
combine the p values for each shared SNP across the two datasets (Materials and Methods).

Overall, we identified 131 unique SNPs that were significantly associated with at least one
of the 14 behavioral traits (Bonferroni p < 0.05, Fig 2). Forty percent of these SNPs (n= 52) were
located within a gene — none of which encoded for changes in the amino acid sequence of the
protein (see S/ for analyses using other distance thresholds for mapping SNPs to genes). On
average, the top SNP explained 15% of variance in the behavioral trait (range, PVE = 0.06-0.25,
Fig 2, Table S2). Thus, while we identify multiple variants with moderately large effects, the
variance explained by individual SNPs is far less than that explained by additive variation across
the genome (heritability), suggesting that as in humans, behavioral traits in dogs are highly
polygenic. However, the variance explained by the top SNPs in our analysis across breeds was,
on average, more than 5 times higher than that from within-breed association studies using the
C-BARQ (22).

To examine if these variants may be linked to behavior-relevant genes, we further derived

gene-level associations using a meta-analytic approach (Materials and Methods). Many of the
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gene-level associations with dog behavioral traits (Table S3) include (i) candidate domestication
genes, (ii) genes mapped to phenotypes implicated in domestication, (iii) genes implicated in
behavioral differences between foxes bred for tameness or aggression, and (iv) genes that
underwent positive selection in both human evolution and dog domestication (Table S4). For
example, PDE7B, which is differentially expressed in the brains of tame and aggressive foxes
(26) has been identified as a target of selection during domestication, and is highly expressed in
the brain (27) where it functions in dopaminergic pathways (28). In our analyses, SNPs in this
gene were associated with breed differences in aggression, which is consistent with data from
experimentally bred foxes, as well as hypotheses that selection against aggression was the
primary evolutionary pressure during initial domestication events (29-31).

The gene-trait associations identified in our study also align closely with similar
associations in human populations (Table S5). For example, breed differences in aggression are
associated with multiple genes that have been linked to aggressive behavior in humans.
Molecular associations with breed differences in energy include genes previously linked to resting
heart rate, daytime rest, and sleep duration in humans. Lastly, breed differences in fear were
associated with genes linked with temperament and startle response in humans, and several of
the genes implicated in breed differences in trainability have been previously associated with
intelligence and information processing speed in humans.

If the variants in genes identified in our analyses make major contributions to behavior
and cognition, then the associated genes should be (i) involved in biological processes related to
nervous system development and function, and (ii) primarily expressed in the brain. Indeed, we
found that behavior-associated genes (as identified through meta-analysis) were enriched for
numerous nervous system processes (Fig 3, Table S6). These processes include neurogenesis,
neuron migration and differentiation, axon and dendrite development, and regulation of
neurotransmitter transport and release. We also identified gene ontology (GO) terms relating to

key developmental processes implicated in domestication (32, 33), including neural tube
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development, neural crest cell differentiation and migration, and the development and
organization of brain structures including the forebrain, cerebral cortex, and cerebellum (Table
S6). On a trait-specific level, we identified several interesting links between dog behavior and
putative biological mechanisms implicated in the regulation of these behaviors. For example,
dopaminergic pathways play important roles in mammalian social attachment (34, 35), and GO
terms relating to dopamine transport were significantly enriched in genes associated with breed
differences in attachment and attention seeking.

To examine if the genes identified through GWAS are predominantly expressed in the
brain, we analyzed tissue-specific enrichment for the set of genes with SNPs that were
significantly associated with any of the 14 behavioral traits. We used two datasets of tissue-
specific expression: (i) gene expression across 10 tissues from a sample of 4 dogs (36), and (ii)
human gene expression from larger samples of individuals across a greater range of tissues (N
= 35) (37). In both datasets, we found that the genes containing SNPs associated with dog
behavior are significantly more likely to be expressed in the brain (Fig 3, hypergeometric test: dog
tissue: p < 0.001, human tissue: p < 0.001; see S/and Figure S3 for similar results including SNPs
nearby, but not necessarily in, genes). Together, this suggests that the SNPs identified in our
GWAS may affect behavioral processes by altering expression levels in genes that are highly
expressed in the brain.

Discussion

The vast phenotypic diversity, and simplified genetic architecture of dog breeds has led to
major advances in our understanding of complex traits relevant to morphology and disease. Our
findings suggest that dog breeds also provide a powerful and highly tractable model for questions
about the evolution and genetic basis of behavioral traits. Breed differences in behavior covary
strongly with relatedness between breeds, and for several traits, genotype accounts for more than
50% of behavioral variation across breeds — up to 25x higher than heritability estimates from

genetic studies within breeds. Individual SNPs that are associated with behaviors tend to fall in
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genes that are disproportionately expressed in the brain, and are involved in pathways related to
the development and expression of behavior and cognition. In addition, the variants associated
with breed differences in behavior are found in genes with sequence or brain-expression
differences in foxes artificially bred for tameness or aggression, and are implicated in human
behavioral genetics, suggesting that these genes may play important roles in modulating behavior
across species.

One limitation of this study is that genotypic and phenotypic data were not collected from
the same subjects, but rather aggregated across independent datasets. This limitation is mitigated
by the fact that both the genetic and behavioral datasets were collected from large representative
samples, and that our findings were robust across resampling and independent genetic datasets.
Nonetheless, future work incorporating genotypic and phenotypic data from the same subjects
will be important for finer-resolution trait-mapping.

More so than most model organisms, dogs exhibit a suite of cognitive and behavioral traits
that make them a unique model for complex aspects of human social behavior and cognition (11,
38). These similarities are hypothesized to result from convergent evolution, due to similar
selective pressures in human evolution and dog domestication (8, 39). Thus, the combination of
phenotypic diversity across breeds, the expression of complex traits shared with humans, and the
comparative simplicity of trait-mapping in this species, make dogs an invaluable organism for
questions about the genetic bases of complex behaviors.

Materials and Methods

Genetic data: We estimated genetic relationships among breeds using identity-by-state (IBS)
matrices generated in PLINK (40) with data from two large-scale dog genotyping analyses:
Hayward et al. (4) and Parker et al. (21). Both datasets were generated using the lllumina Canine
HD SNP chip (lllumina, San Diego, CA), with 12,143 custom markers added in the study by
Hayward et al. The Hayward et al. dataset included 160,727 SNPs after phasing with a minor

allele frequency filter of > 0.01 (https://doi.org/10.5061/dryad.266k4). The Parker et al. dataset
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included 150,131 SNPs, and was obtained directly from the authors. The dataset from Parker et
al. (21) contains individuals sampled in Hayward et al. (4), and these subjects were removed from
the Parker et al. data in order to obtain independent genetic datasets for analysis. The resulting
datasets included 4,342 dogs from Hayward et al. (4) and 1,355 dogs from Parker et al. (21).
Median inter-SNP distances were 5,829 bases for the Parker et al. data and 6,606 bases for the
Hayward et al. data. For heritability analyses, breed-level IBS matrices were multiplied by an
individual-level incidence matrix in order to generate an individual-level IBS matrix. To avoid the
assumption that members of the same breed were clonal, pairwise within-breed IBS values were
set to the average IBS value between members of that breed.

Behavioral data: Behavioral data were obtained from the Canine Behavioral Assessment and
Research Questionnaire (C-BARQ), a well-validated instrument for the assessment of diverse
aspects of dog behavior (18, 41, 42). This dataset included all C-BARQ entries for pet dogs
collected between 2005-2016, and contained 29,656 dogs. These data were filtered to include
only pure-bred dogs (owner report), and further restricted to breeds represented in the genetic
data sources described above (N = 14,020, Table S1). To ensure representative samples, we
included only breeds with at least 25 observations per breed for analysis. Our final behavioral
dataset linked to the Parker et al. (21) molecular data included 12,806 dogs from 86 different
breeds. Our final behavioral dataset linked to the Hayward et al. (4) molecular data included
13,907 dogs from 98 different breeds.

Heritability analyses: Heritability was estimated using Efficient Mixed Model Association
(EMMA) (24, 43). For comparison to a more conventional approach, we conducted supplementary
analyses implemented with Markov chain Monte Carlo (MCMC) linear mixed models (44).
Although both approaches yield estimates of the phenotypic variance attributable to (additive)
genetic and environmental effects, they differ in the computations through which variance
components are estimated. Specifically, EMMA employs restricted maximum likelihood (REML)

to efficiently estimate variance components whereas variance components are numerically
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optimized in the MCMC framework. EMMA models were fit using the NAM R package (45), and
MCMC models were fit using the MCMCglmm R package (44).

To estimate heritability for each behavioral trait we employed a resampling procedure as
follows: (i) randomly sample 25 individuals from each breed without replacement; (ii) estimate
heritability in this subsample. The mean value across resampling was used as the final heritability
estimate. For MCMC modeling, each model used a 1000 iteration burn-in, followed by a 10-
iteration thinning interval across 9,000 subsequent iterations. For each MCMC model, we retained
the mean heritability value from the posterior distribution.

Heritability estimates from EMMA and MCMC were highly correlated within each of the
two genetic datasets (Fig S4; Hayward et al., R = 0.91; Parker et al., R = 0.92), with no significant
difference in the magnitude of heritability estimates between methods (Hayward et al., t13= 1.04,
p = 0.32; Parker et al., t13=-1.35, p = 0.20). Across genetic datasets, the heritability estimates for
each trait were also highly correlated using both statistical approaches (MCMC: R = 0.81; EMMA:
R = 0.94). The distributions of heritability estimates with the Hayward et al. and Parker et al.
datasets were largely overlapping (Fig S5). To assess statistical significance of heritability
estimates, we performed the resampling procedure but randomly permuted the trait values across
breeds at each iteration. Permutation tests revealed that the observed heritability estimate was
higher than that from the permuted data in all iterations of this procedure (p < 0.001 for all traits
in both datasets).

Clustering: Hierarchical clustering was performed using breed average scores for all individual
C-BARQ items (raw questionnaire item scores, rather than factor scores), including breeds with
at least 100 individuals of complete C-BARQ data. We performed hierarchical clustering on the
behavioral distance matrix using the median-linkage method, with the resulting dendrogram
aligned against the cladogram of breeds from Parker et al. (21) using a stepwise branch rotation

procedure in the dendextend R package (46). We compared the structure of the genetic and
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behavioral dendrograms using cophenetic correlation. We assessed the significance of this
correlation using a permutation test (1k iterations) to simulate the null distribution.
Genome-wide association study (GWAS): We identified single nucleotide polymorphisms
(SNPs) associated with each trait using EMMA (24) predicting breed-average behavioral traits as
a function of breed-average allele frequency and a polynomial term for the log of breed-average
body weight. EMMA models were fit using the EMMREML R package (47). We included a 2™
order polynomial term for log body weight because preliminary analyses revealed non-linear
associations between breed-average weight and behavior that were best described using a
polynomial term. We only included SNPs with a median minor allele frequency across breeds =
0.05 (Hayward et al.: 127,970 SNPs; Parker et al. 110,096 SNPs). GWAS analyses were
conducted separately with each genetic dataset, and the resulting p values were combined across
datasets using meta-analysis (Fisher's method), first at the level of the SNP (109,780 overlapping
SNPs), and then at the level of the gene. Combined p values were Bonferroni corrected for
identification of genes associated with behavioral traits, and false discovery rate (FDR) corrected
for enrichment analyses (48). Our primary analyses were restricted to SNPs located in genes
(Table S3), but we report supplemental analyses that associated SNPs with the nearest gene
within 20kb (Table S7 (49)). To derive gene-level p values from the GWAS, we combined (FDR
corrected) p values from multiple SNPs associated with the same gene using meta-analysis
(Fisher’'s method).

Gene Ontology Enrichment Analyses: Enrichment analyses were conducted using gene
ontology (GO), and tests of tissue-specific gene expression. GO enrichment analyses were
conducted using a Fisher Exact Test and the ‘weight01’ algorithm in the topGO R package (50),
with ENSEMBL gene identifiers mapped to GO terms using the biomaRt R package (51, 52).
Genes were included as significant if the FDR corrected p value for the gene was < 0.05. Our
primary GO analyses were restricted to gene-level p values derived from meta-analysis of SNPs

in the gene (Table S6). The results of complementary analyses using SNPs within 20kb of the
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nearest gene are shown in Table S8. The network structure for GO terms in Figure 3 was
generated using Resnik’s similarity measure, as implemented in NaviGO (53).

Tissue enrichment: Tissue enrichment was assessed using the TissueEnrich R package (54).
Data on tissue-specific gene expression in dogs were compiled from a study of gene expression
in 10 tissues from a sample of four dogs (36). Microarray expression data was averaged across
dogs, and across probes in cases where genes were mapped to more than one probe. Tissue-
specific genes were defined using the algorithm from Uhlén et al. (37), and a threshold of 3-fold
higher expression in a particular tissue as a cutoff for classification as tissue-specific. Enrichment
tests were corrected for multiple hypothesis testing using the method described by Benjamini &
Hochberg (48). The results of tissue-specific enrichment analyses using SNPs mapped to the

nearest gene within 20kb are shown in Figure S6.

Acknowledgements: We thank X. Zhou for helpful comments regarding analysis and A. Boyko and H.
Parker for discussion of data from their labs. Author contributions: ELM and NSM analyzed the data.
ELM, NSM, BMV and JAS wrote the paper. The authors declare no competing interests. C-BARQ data
are available from serpell@vet.upenn.edu and genetic data used in these analyses are available from
https://datadryad.org/resource/doi:10.5061/dryad.266k4 and GEO accession numbers: GSE90441,
GSE83160, GSE70454, and GSE96736.



https://doi.org/10.1101/509315
http://creativecommons.org/licenses/by-nc-nd/4.0/

bioRxiv preprint doi: https://doi.org/10.1101/509315; this version posted January 1, 2019. The copyright holder for this preprint (which was not
certified by peer review) is the author/funder, who has granted bioRxiv a license to display the preprint in perpetuity. It is made available under

aCC-BY-NC-ND 4.0 International license.

13

References

1. Sutter NB & Ostrander EA (2004) Dog star rising: the canine genetic system. Nat Rev
Genet 5(12):900-910.

2. Boyko AR, et al. (2010) A Simple Genetic Architecture Underlies Morphological Variation
in Dogs. PLoS Biol. 8(8).

3. Serpell JA & Duffy DL (2014) Dog breeds and their behavior. Domestic dog cognition
and behavior, (Springer), pp 31-57.

4, Hayward JJ, et al. (2016) Complex disease and phenotype mapping in the domestic
dog. Nature communications 7.

5. Ostrander EA & Kruglyak L (2000) Unleashing the canine genome. Genome Res.
10(9):1271-1274.

6. Lindblad-Toh K, et al. (2005) Genome sequence, comparative analysis and haplotype
structure of the domestic dog. Nature 438(7069):803.

7. Wayne RK & Ostrander EA (1999) Origin, genetic diversity, and genome structure of the
domestic dog. Bioessays 21(3):247-257.

8. MacLean EL, Herrmann E, Suchindran S, & Hare B (2017) Individual differences in
cooperative communicative skills are more similar between dogs and humans than
chimpanzees. Anim. Behav. 126:41-51.

9. MacLean EL (2016) Unraveling the evolution of uniquely human cognition. Proceedings
of the National Academy of Sciences 113(23):6348-6354.

10. Miklési A (2014) Dog behaviour, evolution, and cognition (Oxford University Press).

11. Hare B & Woods V (2013) The Genius of Dogs: How Dogs Are Smarter than You Think
(Dutton Adult).

12. Nagasawa M, et al. (2015) Oxytocin-gaze positive loop and the coevolution of human-
dog bonds. Science 348(6232):333-336.

13. Kaminski J & Marshall-Pescini S (2014) The social dog: behavior and cognition
(Elsevier).

14. vonHoldt BM, et al. (2017) Structural variants in genes associated with human Williams-
Beuren syndrome underlie stereotypical hypersociability in domestic dogs. Science
advances 3(7):e1700398.

15. Zapata |, Serpell JA, & Alvarez CE (2016) Genetic mapping of canine fear and
aggression. BMC Genomics 17(1):572.

16. van Rooy D, Arnott ER, Early JB, McGreevy P, & Wade CM (2014) Holding back the
genes: limitations of research into canine behavioural genetics. Canine genetics and
epidemiology 1(1):1.

17. Duffy DL & Serpell JA (2012) Predictive validity of a method for evaluating temperament
in young guide and service dogs. Appl. Anim. Behav. Sci.

18. Hsu Y & Serpell JA (2003) Development and validation of a questionnaire for measuring
behavior and temperament traits in pet dogs. J. Am. Vet. Med. Assoc. 223(9):1293-
1300.

19. Serpell JA & Hsu Y (2001) Development and validation of a novel method for evaluating
behavior and temperament in guide dogs. Appl. Anim. Behav. Sci. 72(4):347-364.

20. McGreevy PD, et al. (2013) Dog behavior co-varies with height, bodyweight and skull
shape. PLoS One 8(12):80529.

21. Parker HG, et al. (2017) Genomic Analyses Reveal the Influence of Geographic Origin,
Migration, and Hybridization on Modern Dog Breed Development. Cell Reports
19(4):697-708.

22. liska J, et al. (2017) Genetic Characterization of Dog Personality Traits. Genetics

206(2):1101-1111.


https://doi.org/10.1101/509315
http://creativecommons.org/licenses/by-nc-nd/4.0/

bioRxiv preprint doi: https://doi.org/10.1101/509315; this version posted January 1, 2019. The copyright holder for this preprint (which was not
certified by peer review) is the author/funder, who has granted bioRxiv a license to display the preprint in perpetuity. It is made available under
aCC-BY-NC-ND 4.0 International license.

14
23. Liinamo A-E, et al. (2007) Genetic variation in aggression-related traits in Golden
Retriever dogs. Appl. Anim. Behav. Sci. 104(1-2):95-106.
24. Kang HM, et al. (2008) Efficient control of population structure in model organism

association mapping. Genetics 178(3):1709-1723.

25. Amin N, Van Duijn CM, & Aulchenko YS (2007) A genomic background based method
for association analysis in related individuals. PLoS One 2(12):e1274.

26. Hekman JP, et al. (2018) Anterior Pituitary Transcriptome Suggests Differences in ACTH
Release in Tame and Aggressive Foxes. G3: Genes, Genomes, Genetics:g3.
300508.302017.

27. Freedman AH, et al. (2016) Demographically-based evaluation of genomic regions
under selection in domestic dogs. PLoS Genet. 12(3):e1005851.

28. De Gortari P & Mengod G (2010) Dopamine D1, D2 and mu-opioid receptors are co-
expressed with adenylyl cyclase 5 and phosphodiesterase 7B mRNAs in striatal rat cells.
Brain Res. 1310:37-45.

29. Trut LN (1999) Early Canid Domestication: The Farm-Fox Experiment: Foxes bred for
tamability in a 40-year experiment exhibit remarkable transformations that suggest an
interplay between behavioral genetics and development. Am. Sci. 87(2):160-169.

30. Belyaev DK (1979) Destabilizing selection as a factor in domestication. J. Hered.
70(5):301-308.
31. Hare B & Tomasello M (2005) Human-like social skills in dogs? Trends in Cognitive

Sciences 9(9):439-444.

32. Wilkins AS, Wrangham RW, & Fitch WT (2014) The “domestication syndrome” in
mammals: a unified explanation based on neural crest cell behavior and genetics.
Genetics 197(3):795-808.

33. Pendleton AL, et al. (2018) Comparison of village dog and wolf genomes highlights the
pivotal role of the neural crest in dog domestication. bioRxiv:118794.

34. Insel TR (1997) A neurobiological basis of social attachment. The American Journal of
Psychiatry 154(6):726.

35. Carter CS (1998) Neuroendocrine perspectives on social attachment and love.
Psychoneuroendocrinology 23(8):779-818.

36. Briggs J, et al. (2011) A compendium of canine normal tissue gene expression. PLoS
One 6(5):e17107.
37. Uhlén M, et al. (2015) Tissue-based map of the human proteome. Science

347(6220):1260419.

38. Mikldsi A, Topal J, & Csanyi V (2007) Big thoughts in small brains? Dogs as a model for
understanding human social cognition. Neuroreport 18:467-471.

39. MacLean EL & Hare B (2015) Dogs hijack the human bonding pathway. Science
348(6232):280-281.

40. Purcell S, et al. (2007) PLINK: a tool set for whole-genome association and population-
based linkage analyses. The American Journal of Human Genetics 81(3):559-575.

41. Duffy DL & Serpell JA (2012) Predictive validity of a method for evaluating temperament
in young guide and service dogs. Appl. Anim. Behav. Sci. 138(1-2):99-109.

42. Svartberg K (2005) A comparison of behaviour in test and in everyday life: evidence of
three consistent boldness-related personality traits in dogs. Appl. Anim. Behav. Sci.
91(1):103-128.

43. Zhou X & Stephens M (2012) Genome-wide efficient mixed-model analysis for
association studies. Nat. Genet. 44(7):821-824.

44, Hadfield JD (2010) MCMC methods for multi-response generalized linear mixed models:
the MCMCglmm R package. Journal of Statistical Software 33(2):1-22.

45, Xavier A, Xu S, Muir WM, & Rainey KM (2015) NAM: association studies in multiple
populations. Bioinformatics 31(23):3862-3864.


https://doi.org/10.1101/509315
http://creativecommons.org/licenses/by-nc-nd/4.0/

bioRxiv preprint doi: https://doi.org/10.1101/509315; this version posted January 1, 2019. The copyright holder for this preprint (which was not
certified by peer review) is the author/funder, who has granted bioRxiv a license to display the preprint in perpetuity. It is made available under

46.

47.

48.

49.

50.

51.

52.

53.

54.

aCC-BY-NC-ND 4.0 International license.
15

Galili T (2015) dendextend: an R package for visualizing, adjusting and comparing trees
of hierarchical clustering. Bioinformatics 31(22):3718-3720.

Akdemir D & Godfrey OU (2015) EMMREML.: Fitting mixed models with known
covariance structures. R package version 3(1).

Benjamini Y & Hochberg Y (1995) Controlling the false discovery rate: a practical and
powerful approach to multiple testing. Journal of the royal statistical society. Series B
(Methodological):289-300.

Wang L, Jia P, Wolfinger RD, Chen X, & Zhao Z (2011) Gene set analysis of genome-
wide association studies: methodological issues and perspectives. Genomics 98(1):1-8.
Alexa A & Rahnenfuhrer J (2010) topGO: enrichment analysis for gene ontology. R
package version 2(0).

Durinck S, et al. (2005) BioMart and Bioconductor: a powerful link between biological
databases and microarray data analysis. Bioinformatics 21(16):3439-3440.

Durinck S, Spellman PT, Birney E, & Huber W (2009) Mapping identifiers for the
integration of genomic datasets with the R/Bioconductor package biomaRt. Nat. Protoc.
4(8):1184.

Wei Q, Khan IK, Ding Z, Yerneni S, & Kihara D (2017) NaviGO: interactive tool for
visualization and functional similarity and coherence analysis with gene ontology. BMC
Bioinformatics 18(1):177.

Jain A & Tuteja G (2018) TissueEnrich: A tool to calculate tissue-specific gene
enrichment.


https://doi.org/10.1101/509315
http://creativecommons.org/licenses/by-nc-nd/4.0/

16

Fig 1. Heritability estimates, breed-level behavioral data, and clustering based on behavioral and genetic data. A) Heritability (h2)
estimates (proportion of variance attributable to genetic factors) for 14 behavioral traits. Genotypic variation accounts for five times
more variance in analyses across vs. within breeds (within-breed estimates compiled from liska et al., 2017). Points for Hayward et al.
and Parker et al. reflect the results of analyses with independent genetic datasets. Error bars reflect the 95% confidence intervals. B)
Heatmap of breed-average behavioral scores plotted alongside a cladogram of breed relatedness from Parker et al., 2017. C) Breed
dendrograms from clustering based on behavioral (left panel) and genetic (right panel) similarity. Colors correspond to clades from
Parker et al., 2017.

A) B) C) Behavior Clustering Genetic Consensus
O within breed @ Hayward etal. © Parker et al.
Beage "
Poodle (Toy)
Nonsocial Fear 4 0% — ) i S
Dog Fear{—© S — i
Excitability e} " — ;
Energy 1 e} " — \ -
Dog Rivalry 4 e} — — at T ;
Touch Sensitivity 4 o —w— Dachanun s
Separation Problems {0 O Coser Spane aern T
Stranger Fear - o 0} ggr': (English) German Shorthaired Pointer
e nglist aniel H
H oodle (St abrac
Owner Aggression 4O oy H i &
Dog Aggression o O | I —
i i ier Boxer
Chasing © —&- o RO
i Great Dane affordshire Bull Terrier
Attach & Atn Seeking © —&- B s |
: m L Bulmastiff emese Mountain Dog
Trainability o 8- e L
L Bernese Mountain Dog
Newfoundland
Stranger Aggression - o O St
£ She
lQ T '(1, T T h IQ_) T I,\ l% % o
Q Q Q Q7" QO Q97 O Q Q I

-3.24 standardized value 3.06

Heritability (narrow sense)


https://doi.org/10.1101/509315
http://creativecommons.org/licenses/by-nc-nd/4.0/

17

Fig 2. Genetic associations with breed differences in behavior. A) Manhattan plot showing SNPs associated with behavioral traits (color
coded) after Bonferroni correction. B) Behavioral trait values, corrected for body weight, as a function of allele frequency. Plots show
data for 4 SNPs in genes with sequence or expression differences between foxes artificially bred for tameness or aggression. C)
Distributions of the proportion variance explained (PVE) by SNPs associated with behavioral traits at p < 0.05, after correction for the
false discovery rate. Turquoise points and distributions: Hayward et al. genetic data; Yellow points and distributions: Parker et al.
genetic data.
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Fig 3. Genes containing behavior-associated SNPs are highly expressed in the brain and
associated with gene ontology terms relating to brain development and function. (A) Enrichment
tests using dog gene expression to identify tissue-specific genes. (B) Enrichment tests using
human gene expression to identify tissue-specific genes. Bars reflect the -log10 p value from a
hypergeometric test for tissue-specific gene enrichment, corrected for multiple comparisons. The
dashed line indicates -log10(p = 0.05) and the results for brain tissue are highlighted in red. (C)
Network plot for a subset of gene ontology terms relating to brain development and function that
were associated with breed differences in behavior. Edge colors and line widths reflect Resnik’s
similarity scores between GO terms. Wider and redder lines reflect greater similarity between
nodes. Node sizes are inversely proportional to p values from enrichment tests.
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