












Extended data

Figure S1: A: a flying fox (Roussettus leschenaultii) feeding on a Durian flower, with four
outer blob corners drawn as a polygon, and labeled blob ID. B: Durian fruits resulting from
pollinated flowers on the same tree. C: Accuracy of the blob detection algorithm for different
minimum and maximum blob pixel values on the five different deployment nights.
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Figure S2: A: Number of detections during each survey night (at maximum accuracy level),
drawn for bats and insects and separated by location. B: Precision-recall curves for each
detected class based on actual survey deployments.
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Figure S3: A: Detection frequencies with time per detected class on each deployment night.
B: Precision-recall curves for each detected class based on actual survey deployments.
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Figure S4: A: Probability density functions for bee detection occurrence with time of the day,
separated by deployments. Raw and corrected (standardised) probabilities are shown with
different line colors. B: Precision-recall curve for solitary bees (Osmia bicornis) based on
actual survey deployments, excluding one stationary detection in deployment A3 - camera 1.
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Figure S5: A: Screenshot of a cloud server graphical interface during the deployment,
showing transferred images with detected mandarin ducks and bar plots showing the
number of detections for each class per time step. B: Detections frequency with time,
separated by identified duck sex, and labeled total standardised detections count. C:
Precision-recall curve for each detected class based on actual survey deployments.
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Figure S6: A: Individual tracked flowers (flower IDs omitted from Y axis for clarity), separated
by camera (IDs 2 and 13). Red lines represent tracked flowers over single days, and blue
lines connect identical flowers through nights. B: Probability density of the flower lifespan;
mean shown with a blue dashed vertical line. C: Precision-recall curve for Carthusian pink
(Dianthus carthusianorum) flowers based on actual survey deployments.
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Data availability

All R scripts and CSV data needed to reproduce the results in the manuscript will be
provided on Dryad or a similar repository upon acceptance.
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